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Abstract 

 
Most part of the literature has highlighted the detrimental effects of discrimination on health. However, the 

influence of past and perceived discrimination on older workers’ self-assessed health has been 

understudied. We aim to study whether reported discrimination is associated with self-assessed health 

among old men and women of working ages (50-65 years of age). Data was retrieved from the seventh 

wave of the Survey of Health, Ageing and Retirement in Europe (SHARE) to obtain the regular panel of 

questions, and the third and seventh waves of the SHARELIFE questionnaire, that includes information 

about discrimination (n=30,019). We first used Latent Class Analysis (LCA) to detect groups of individuals 

in our sample and afterward, we used logistic regression models to determine the impact of discrimination 

on old men and women workers’ health separately. The results show that 49.0% of our sample was 

composed of highly discriminated old women, while the remaining percentage covered old men and women 

(42.3% males and 8.7% females) that reported lower levels of discrimination. Our estimations reveal a 

significant association between discrimination and poor health status, especially in the case of old men 

ranging from OR=1.807 (95% CI 1.497 – 2.182) to OR=1.619 (95% CI 1.356 – 1.933). In the case of 

women our results range from OR= 1.729 (95% CI 1.456 – 2.055) to OR= 1.197 (95% CI 0.981 – 1.462). 

These findings are essential to highlight the importance of tackling discrimination as a determinant of health 

that negatively affects both sexes, men and women. 
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1. Introduction 

 
Discrimination entails giving unfair treatment to a person or a community for reasons of race, 

ethnicity, religion, politics, sex, age, physical or mental health condition, etc. When individuals 

are discriminated against based on any reason, this might have negative consequences on their 

physical and mental health (Pascoe and Richman 2009). Perceived discrimination is then 

considered a stressor that negatively affects individuals’ health, and it is commonly suffered by 

older people (Luo et al. 2011). 

  

Discrimination based on age (i.e., ageism) is one of the most widespread in the EU1, and its effects 

on general health are more relevant compared to other types of discrimination in Europe (Alvarez-

Galvez and Salvador-Carulla 2013). Ageism can be expressed in a huge variety of ways in daily 

life. Furthermore, it covers different negative stereotypes toward the elderly such as incompetence, 

weakness, senility, sexual inactivity, or troublesomeness, among others, and it is a ‘two-way 

prejudice’, i.e., not only other individuals (different from the elderly) hold this prejudice, but also 

the elderly themselves. Therefore, when the prejudice comes from other individuals, e.g. general 

practitioners, this might affect the health care provision and the treatment received by the elderly 

(Diehn et al. 2021; Wyman, Shiovitz­Ezra, and Bengel 2018) and in the labor market (Stypińska 

and Nikander 2018). Additionally, if the older adult owns a negative self-perception of aging, the 

odds of experiencing worse physical health outcomes are higher (Levy et al. 2009). 

 

EU legislation does not protect Europeans from age discrimination out of the labor field (European 

Commission; Directorate - General for Justice and Consumers; Dewhurst 2020), and it is still an 

‘admissible’ prejudice in society compared to other types of discrimination (Ayalon and Tesch-

Römer 2017). In 2019, the AGE Platform Europe launched a social media campaign using the 

hashtag #AgeingEqual to reach awareness about this type of discrimination and highlighted, 

among others, its adverse effects on health and wellbeing. 

  

 
1 The special Eurobarometer 493 conducted in 2019 to examine discrimination in the European Union identified that 

40% of interviewed individuals considered that discrimination based on age was one of the most broad in the EU. 



Besides ageism, older people are affected by the convergence of other types of discrimination (Lu 

et al. 2021), including gender discrimination. The majority of older adults are women and anti-

aging views are mainly directed at them (Rochon, Kalia, and Higgs 2021), increasing their burden 

of discriminatory experiences. Discrimination also tends to greatly affect women’s health 

compared to men’s (Nakhaie and Wijesingha 2015). However, the corrosive effects of gender 

discrimination should be also analyzed for men, as this type of discrimination is a gender role 

prejudice that may subtlety or directly affects the health of both genders (de la Torre-Pérez et al. 

2022). 

  

Additionally, considering that discrimination mainly occurs in the workplace (Borrell et al. 2011), 

older workers (i.e., those from 50 to 65 years of age) might also suffer from discrimination at work, 

rising again their discriminatory burden compared to other groups of individuals. The labor market 

is horizontally and vertically segregated, leading women to be concentrated in a small range of 

positions and occupy less-authority positions compared to men (Artazcoz et al. 2007). Women are 

thus less protected in the labor field, which might increase their odds of suffering from more forms 

of discrimination (Borrell et al. 2011). 

  

Discrimination has been traditionally measured by asking questions related to recent events of 

unfair treatment in public places, which is labeled as ‘everyday discrimination’ (Krieger, Williams, 

and Moss 1997); and questions regarding past unfair experiences that may have implied barriers 

to the labor market, housing or applying for a bank loan, among others, i.e., ‘major lifetime 

discrimination’ (Luo et al. 2011; Qin et al. 2020). Both instances of discrimination are related to 

worse physical (Cobb, Thorpe, and Norris 2020; Lewis et al. 2010) and mental health outcomes 

(Ayalon and Gum 2011; Qin et al. 2020), as well as to higher risks of mortality (Barnes et al. 2008) 

among older adults. 

  

Studies analyzing the association between discrimination and health have been normally restricted 

to the US population  (Ayalon and Gum 2011; Barnes et al. 2008; Lu et al. 2021), minority groups 

such as African older adults (Qin et al. 2020), women (Bécares and Zhang 2018; Borrell et al. 

2011), or adolescents and young adults (Huynh et al. 2021). The few studies which analyze the 

effects of discrimination on health in Europe are mainly focused on the general working population 



(Alvarez-Galvez and Salvador-Carulla 2013) or limited to a specific country (Eimontas et al. 

2021). 

 

This paper aims to fill this gap in the literature by analyzing how reported past discrimination is 

associated with health status in a large European sample of old men and women workers aged 50-

65 years. We hypothesized that the corrosive effects of discrimination would be stronger for older 

women, as they suffer from more forms of discrimination compared to men (Diehn et al. 2021). 

The results of this study aim at disentangling and measuring the impact of perceived discrimination 

on the self-assessed health status in people aged 50-65. First, we justify the relevance of examining 

the side effects of discriminatory events. Secondly, we design a descriptive and econometric model 

to carry out our analysis. Finally, to our knowledge this paper is the first to examine this 

relationship using SHARE data. Therefore, our results might be interesting for policymakers to 

plan better intervention aimed at tackling and reducing discrimination and its side effects.  

 

The rest of this paper is organized as follows. Second section describes the methodology followed 

and the database. In section three, results by gender and health outcome are presented. Section four 

aims at discussing the main findings and limitations of the study. Finally, section five summarizes 

the study and provides further research lines.   

 

2. Methodology  

 

2.1 Study design and sample 

 
The data for this study was retrieved from the Survey of Health, Ageing and Retirement in Europe 

(SHARE) (Börsch-Supan et al. 2013). The SHARE survey is a biennial survey focused on people 

aged 50 or older that includes information on health, social, economic, social networks and past 

experiences of people from 28 European countries and Israel. This study is based on the wave 7 

from 2017 that includes the regular panel questionnaire and the SHARELIFE questionnaire made 

in wave 3 and wave 7. This last questionnaire focuses in people’s life and experiences and help us 

to retrieve information on discrimination.  

 

  



2.2. Measures  

 

Discrimination 

To measure discrimination, we use the question GL022 included in the SHARELIFE questionnaire 

from Wave 3 and 7 “Have you ever been the victim of such persecution or discrimination?”. It 

takes value 1 if respondent declares having suffered from discrimination and 0 otherwise. The 

variable Discrim measures self-perceived discrimination 

 

Health variables 

Our dependent variable was self-assessed health status (SAHS). We used SAHS as it is a reliable 

measure of general health that predicts factors such as mortality or hospitalization (Idler and 

Benyamini 1997; Jylhä 2009). Additionally, previous studies linked experiences of discrimination 

to poor self-assessed health in a large sample of working women (Borrell et al. 2011). 

 

SAHS is a single question asking individuals to rate their general health status by choosing five 

different answers: (1) excellent, (2) very good, (3) good, (4) fair, and (5) poor. We created a 

dichotomous variable that takes a value of 1 if the individual reported fair/poor health (hereafter 

PoorSAHS), and 0 otherwise. We included ‘fair’ response as individuals who report fair or worse 

health status present higher risks of mortality than those individuals who assess their health as 

good or very good (Nery Guimarães et al. 2012).  

 

Control variables 

As socioeconomic status might influence self-assessed health status, we have included individuals’ 

educational level and their labour situation to capturing these issues. Individuals’ educational 

attainment was assessed with a categorical variable: (0) No education, (1) Primary education, (2) 

Secondary education, and (3) Tertiary education. Labour situation was also included by a 

categorical variable: (1) retired, (2) employed, (3) unemployed, (4) permanently sick, and (5) 

homemaker. 

We considered individuals aged between 50 and 65 years old, their sex to account for the different 

effects that discrimination might have on men and women, and individuals marital status by four 

categories: (1) married, (2) never married, (3) divorced, and (4) widowed. 



Regional characteristics 

Culture and regional specific characteristic might influence the level of discrimination or the self-

perceived health, we have included four dummy variables to capture these effects. We divided our 

observations by Northern, Southern, Eastern and Western Europe.  

 

2.3 Estimation Methods 

 

To test our hypotheses, first we carry out a latent class analysis (LCA) to look for groups in our 

sample and secondly, we develop econometric regression to assess for the impact of discrimination 

on self-assessed health.  

 

The objective of the LCA method is to classify similar observations into latent, that is, unobserved, 

groups based on their responses to selected indicators to build clusters (Nylund-Gibson and Choi 

2018). LCA does not provide the number of clusters, therefore it is necessary to use the goodness 

of fit indexes of the different models to select the best one. We also checked other information 

criterions such as the BIC. According to Nylund, Asparouhov, and Muthén (2007), it provides the 

best information to select the most suitable model. Hence, the selected model is the one whose 

indexes is lower (Magidson and Vermunt 2004; McCutcheon 1987). 

 

Moreover, as our objective is to examine the relationship between these clusters and the differences 

in health, we develop an econometric analysis. Our variable of interest is binary: 

LessthanGoodSAHS. It takes value 1 if the respondent declares not having at least a good self-

assessed health status (with probability p) and 0 otherwise (with probability (1-p)).  The probability 

of declaring not having a good self-assessed health status (p) is a function of two vectors: one of 

explanatory variables (x) and other of unknown parameters (𝛽) . Thus, the discrete choice models 

are as follows: 𝑃𝑟𝑜𝑏 (𝑦 = 1) = 𝐹(𝑥, 𝛽) (1) 

 𝑃𝑟𝑜𝑏 (𝑦 = 0) = 1 −  𝐹(𝑥, 𝛽) (2) 

 



𝑦 = 1  𝑖𝑓 𝑦∗ > 0  (3) 𝑦 = 0  𝑖𝑓 𝑦∗ ≤ 0 (4) 

 

Considering this, the latent interpretation from both equations leads to the following specification: 

 

where 𝑦∗ = 𝑥′𝛽 + 𝜀  (5) 

 

Therefore, we carry out logistic regression models to estimate the impact of past discrimination or 

persecution on the good self-assessed status. We control for personal characteristics, job situations 

and health variables. Table 1 provides a complete description of the variables. In the logit model, 

the conditional probability allows the predicted probabilities being bounded between 0 and 1, by 

assuming the conditional probability takes the following form: 

𝑝 = 𝑃𝑟𝑜𝑏 (𝑋) = 𝑒𝑥𝑝 (𝑋′𝛽)1 − 𝑒𝑥𝑝 (𝑋′𝛽) (6) 

 

Considering that the non-linearity of our models does not allow interpreting the coefficients as 

usual, the odds ratios are calculated. They are the ratio of the probability of success and the 

probability of failure: 

𝑙𝑛 ( 𝑝1 − 𝑝) = 𝑋′𝛽 (7) 

 

  



3. Results 

 

3.1 Descriptive analysis 
 

We restricted our analysis to individuals aged between 50 and 65 years of age, therefore, our 

sample consisted of 30,019 old workers living in 26 European countries. Around 5% of our sample 

reported having been discriminated against based on any reason (Table 1). 32% of individuals 

reported less than good health status and a low number of limitations in daily activities and chronic 

diseases. Respondents average age was of 59 years and they mainly had an upper-secondary level 

of education.  

 

By gender, our sample highlights that the share of respondents declaring having been discriminated 

was slightly higher among males than females (4.9% vs. 4.3%). However, there were more women 

than men reporting less than good health status (32.2% vs. 31.8%) and they also presented a higher 

number of chronic diseases compared to their male counterparts (1.415 vs. 1.349). 

 

Reported discrimination and dispossession was not constant across the analyzed countries. Figure 

1 represents the share of respondents in our dataset that have declared having suffered from 

discrimination or persecution. We might cluster countries into three differentiated groups. Group 

1 composed by Germany, Belgium, Czech Republic, Luxembourg, Croatia, Cyprus, Sweden, or 

Malta, where there is a higher percentage of discriminated individuals. Group 2 that includes 

countries with a lower share of declared discrimination, viz. Austria, France, Denmark, 

Switzerland, Estonia, Lithuania, or Finland. And Group 3 covers countries where nearly nobody 

has declared having been discriminated, such as Spain, Portugal, Italy, Greece, Poland, Hungary, 

Slovenia, Bulgaria, Romania, and Slovakia. Nevertheless, the share of discrimination/persecution 

was not higher than 10% in any country.  

  



 

Table 1. Variables definition and summary of statistics (N=30,019) 

   
Total Sample  

(N=30,019) 

Females  

(N= 17,337) 

Males  

(N=12,682) 

Variables Definition Coding Mean Std. Dev. Mean Std. Dev. Mean Std. Dev. 

Health Status 

LessGSAHS 
Less than Good Self-

Assessed Health Status 

1: Respondent declares not having at least 

a good self-assessed health status; 0: 

otherwise  

0.320 0.466 0,322 0,467 0,318 0,465 

ADL 
Limitations in activities of 

daily living 

Number of limitations in activities of daily 

living 
0.116 0.567 0,113 0,553 0,119 0,585 

NCD 
Number of chronic 

diseases 
Number of chronic diseases 1.394 1.418 1,415 1,437 1,349 1,388 

Personal Characteristics and Socioeconomic Status 

Age Age of respondent Number of years 59.346 3.946 59,162 4,014 59,655 3,829 

MarStat Marital status 
1: Married; 2: never married; 3: divorced; 

4: widowed 
1.438 0.885 1,511 0,973 1,332 0,731 

Educ Education level 

0: No Education; 1: Primary Education; 2: 

Secondary Education; 3: Tertiary 

Education  

1.959 0.762 1,953 0,782 1.965 0,373 

EmploStat Employment Status 
1:  Retired; 2:  Employed; 3: unemployed; 

4: permanently sick; 5: homemaker  
2.144 1.156 2,311 1,322 1,968 0,742 

Region Region of the country 
1: Northern Europe; 2: WesternEurope; 3 

SouthernEurope; 4: EasternEurope 
2.637 1.059 2,634 1,051 1,927 0,839 

Discrimination 

Discrim 
Discrimination or 

persecution 

1: respondent declared having been 

discriminated or persecuted; 0: otherwise 
0.045 0.208 0,043 0,202 0,049 0,216 

Source: Authors’ calculations based on wave 7 from the SHARE survey and SHARELIFE 3 and 7 



Fig 1. % of respondents declaring being discriminated 

 

Note: Dark colors indicate higher share of discriminated individuals, whereas light colors indicate lower proportions 

of individuals who declared being discriminated against based on any reason. For white countries there is no available 

data. 

 

When respondents declared having been dispossessed of properties as a consequence of 

persecution, we found more significant disparities among countries (Figure 2) than in Figure 1. 

The share of dispossessed individuals due to discrimination overcome 10% in countries such as 

Cyprus, Germany, Czech Republic, Croatia, and Estonia. However, in other countries such as 

Spain, Italy, Bulgaria and Malta, this percentage was below 1%. This information highlights that 

discrimination and its consequences are real, tangible, and more pronounced than the reported 

discrimination by individuals. 

 

 

 

 

 

 

 



Fig 2. % of respondents declaring being dispossessed due to discrimination 

 

Note: Dark colors indicate higher share of dispossessed individuals due to persecution, whereas light colors indicate 

lower proportions of individuals who declared being dispossessed of properties. For white countries there is no 

available data. 

 

Additionally, there exist gender differences when reporting discrimination. Men present higher 

levels of perceived discrimination compared to women (Figure 3), especially in countries such as 

Malta, Cyprus and Croatia, where the discrimination rate was above 10% among old men workers. 

In case of old women, we observe high levels of discrimination in countries such as Croatia and 

Czech Republic, where the reported discrimination rate was above 8% in both countries. The 

lowest discrimination rates were located in Slovakia, Italy, Romania and Slovenia for both 

genders, where these rates did not overcome 3%.  



Fig 3. % of men and women declaring being discriminated 

 

  Men     Women

  

Note: Dark colors indicate higher share of discriminated individuals, whereas light colors indicate lower proportions 

of individuals who declared being discriminated against based on any reason. For white countries there is no available 

data 

 

The LCA results are depicted in Table 4. These results show that three classes can be analyzed. 

We developed several models to test the latent characteristics that might represent our sample. We 

included gender, marital status and having ever been discriminated. 49% of our sample represents 

females who reported more discrimination, 42.3% are men who nearly did not report 

discrimination and 8.7% are women who report low levels of discrimination. 

 

Table 4. Results LCA  

 Class I Class II Class III 

Female 1 0 1 

(3.18e-09) (1.96e-09) (1.19e-09) 

Discriminated 0.361 0.096 0.053 

(0.135) (1.63e-09) (6.9e-09) 

Single 0.191 0.171 0.221 

(0.004) (2.37e-09) (3.32e-09) 

Percentage of 

individuals per class 

0.490 0.423 0.087 

(0.005) (0.003) (0.005) 

 



Considering the LCA results and to simplify the analysis according to the information provided by 

the SHARE survey, we split the second part of our analysis depending on the respondent’s gender.  

 

 

3.2 Econometric analysis 
 

To test for the significance and the impact of past discrimination on the self-assessed health status, 

we have developed two econometric models. Model 1 includes personal characteristics, marital 

status, education level, the employment status, and regional dummies. Model 2 adds variables that 

capture the health status: number of limitations of activities of daily living and the number of 

chronic diseases.  

 

Table 5 includes results of Model 1 by gender to assess gender disparities on discrimination. Our 

variable of interest “Discrim” is statistically significant for male and women. Moreover, the gender 

differences on the impact on the poor self-assessed health status is not very significant when the 

model only includes socioeconomic variables. 

 

In general, not being married increases the probability of reporting poor health for both men and 

women. Nevertheless, the fact of being widowed is only significant for women. Regarding the 

education variables, respondents with higher level accounts for better health status. Having a 

higher education level (at least secondary) would act as a protector against poor health. Finally, 

the employment status is a key variable for explaining the poor self-assessed health status. For 

both genders, other status than being retired affects significantly to the self-report of poor health. 

Specifically, women self-reported health is more affected by their job status than for their male 

peers. Being employed is the best protective factor against poor health for women followed by 

being a homemaker. Other status such as being unemployed or being permanently sick affect the 

probability of reporting poor health. Both impacts are higher for women. 

 

 

  



Table 5. Model 1. Less than Good Health Status as dependent variable  

Variable Male Female 

 Odds Ratio Conf. Interval Odds Ratio Conf. Interval 

Personal Characteristics and Discrimination 

Age 
1,009 [0.995 – 1.022] 1.014*** [1.004 – 1.025] 

-0.008  0,006  

Discrim 
1.807*** [1.497 – 2.182] 1.729*** [1.456 – 2.055] 

0.173  0,152  

Marital Status (Married as reference category) 

Never married 
1.321*** [1.137 – 1.534] 1.148* [0.974 – 1.354] 

0,101  0,096  

Divorced 
1.279*** [1.106 – 1.477] 1.217*** [1.083 – 1.368] 

0,094  0,073  

Widowed 
0,949 [0.693 – 1.301] 1.285*** [1.130 – 1.461] 

0,153  0,084  

Education level (No education as reference category) 

PriEduc 
1,137 [0.859 – 1.505] 1,014 [0.819 – 1.254] 

0,163  0,11  

SecEduc 
0,841 [0.637 – 1.111] 0.646*** [0.523 – 0.799] 

0,119  0,07  

TerEduc 
0.573*** [0.429 – 0.764] 0.428*** [0.341 – 0.535] 

0,084  0,049  

Employment status (Retired as reference category) 

Employed 
0.424*** [0.381 – 0.473] 0.541*** [0.489 – 0.599] 

0,023  0,028  

Unemployed 
0,994 [0.732 – 1.189] 1.371*** [0.156 – 1.626] 

0,091  0,119  

Permanently Sick 
8.390*** [6.752 – 10.426] 9.618*** [7.769 – 11.906] 

0,929  1,047  

Homemaker 
0,927 [0.617 – 1.394] 0.819*** [0.729 – 0.922] 

0,193  0,049  

Region (Northern Europe as reference Category) 

Western Europe 
0.559*** [0.492 – 0.635] 0.588*** [0.525 – 0.659] 

0,037  0,034  

Southern Europe 
0.507*** [0.445 – 0.577] 0.579*** [0.517 – 0.651] 

0,034  0,034  

Eastern Europe 
0.492*** [0.433 – 0.559] 0.651*** [0.580 – 0.729] 

0,032  0,038  

Constant 
0,678 [0.286 – 1.606] 0.464** [0.227 – 0.950] 

0,298  0,169  

Number of obs 11,866  16,225  

Source: Authors’ calculations based on SHARE (Börsch-Supan 2013) 

Note: Standard deviation are in italics. ***, **, *, are the significance at level 1, 5 and 10% respectively 

 

 



Table 6 includes results of Model 2 also by gender to assess gender disparities on discrimination 

by controlling for health variables. As in Model 1, our variable of interest “Discrim” is statistically 

significant, and the associated odds ratio is reduced for both men and women. Nevertheless, the 

self-assessed poor health status from men would be more affected by self-perceived past 

discrimination than for their female peers. Suffering from chronic diseases and/or having 

limitations in activities of daily living affects very significantly the report of poor self-assessed 

health status.  The other variables are not significantly affected by the inclusion of the health 

variables and report similar results for the new model. 

 

Table 6. Model 2. Less than Good Health Status as dependent variable 

Variable Male Female 

 
Odds 

Ratio 

Conf. 

Interval 

Odds 

Ratio 

Conf. 

Interval 

Odds 

Ratio 

Conf. 

Interval 

Odds 

Ratio 

Conf. 

Interval 

Personal Characteristics and Discrimination 

Age 
1.009 [0.996 – 1.022] 0.994 [0.980 – 1.008] 1.017 *** [1.006 – 1.029] 0.998 * [0.978 – 1.000] 

0.006  0.007  0.006  0.006  

Discrim 
1.738 *** [1.434 – 2.107] 1.567 *** [1.275 – 1.926] 1.619*** [1.356 – 1.933] 1.197 * [0.981 – 1.462] 

0.171  0.165  0.146  0.122   

Marital Status (Married as reference category) 

Never 

married 

1.335 *** [1.147 – 1.555] 1.422 *** [1.208 – 1.673] 1.141 [0.966 – 1.349] 1.178 * [0.987 – 1.407] 

0.094  0.118  0.097  0.107  

Divorced 
1.261 *** [1.090 – 1.459] 1.344 *** [1.152 – 1.568] 1.186 *** [1.052 – 1.338] 1.181 ** [1.034 – 1.348] 

0.094  0.106  0.073  0.080  

Widowed 
0.872 [0.616 – 1.235] 0.837 [0.594 – 1.178] 1.263*** [1.107 – 1.441] 1.262 *** [1.094 – 1.455] 

0.155  0.146  0.085  0.092  

Education level (No education as reference category) 

PriEduc 
1,143 [0.860 – 1.519] 1.041 [0.775 – 1.398] 1.028 [0.825 – 1.282] 0.975  [0.776 – 1.225] 

0,166  0.157  0.116  0.114  

SecEduc 
0,857 [0.646 – 1.136] 0.820 [0.613 – 1.098] 0.673*** [0.539 – 0.839] 0.692 *** [0.551 – 0.870] 

0.123  0.122  0.076  0.081  

TerEduc 
0.586*** [0.438 – 0.785] 0.551 *** [0.407 – 0.745] 0.458*** [0.363 – 0.578] 0.471 *** [0.370 – 0.600] 

0.087  0.085  0.054  0.058  

Employment status (Retired as reference category) 

Employed 
0.456*** [0.407 – 0.507] 0.536 *** [0.447 – 0.602] 0.591*** [0.533 – 0.655] 0.673 *** [0.602 – 0.753] 

0.025  0.032  0.031  0.038  

Unemployed 
1.008 [0.840 – 1.210] 1.155 [0.944 – 1.413] 1.415*** [1.198 – 1.683] 1.490 *** [1.234 – 1.798] 

0.094  0.119  0.125  0.143  

Permanently 

Sick 

6.644*** 
[5.299 – 8.331] 5.863 *** [4.604 – 7.466] 

8.127*** 
[6.516 – 

10.137] 

6.635 *** [5.231 – 8.417] 

0.767  0.723  0.916  0.805  

Homemaker 
0.967 [0.639 – 1.464] 1.217 [0.790 – 1.874] 0.881 ** [0.782 – 0.993] 0.879 * [0.773 – 1.001] 

0.205  0.268  0.054  0.060  



Variable Male Female 

 
Odds 

Ratio 

Conf. 

Interval 

Odds 

Ratio 

Conf. 

Interval 

Odds 

Ratio 

Conf. 

Interval 

Odds 

Ratio 

Conf. 

Interval 
Health status 

ADL 
3.104*** [2.512 – 3.835]   3.374 *** [2.833 – 4.018]   

0.335    0,179    

Chronic 
  2.063 ***    2.067 *** [1.999 – 2.178] 

  0.042 [1.983 – 2.146]   0.035  

Region (Northern Europe as reference Category) 

Western 

Europe 

0.548*** [0.481 – 0.624] 0.503 *** [0.437 – 0.579] 0.595*** [0.530 – 0.668] 0.512 *** [0.452 – 0.579] 

0.036  0.036  0.035  0.032  

Southern 

Europe 

0.523*** [0.459 – 0.596] 0.544 *** [0.473 – 0.626] 0.609*** [0.542 – 0.685] 0.599 *** [0.529 – 0.678] 

0.035  0.039  0.036  0.038  

Eastern 

Europe 

0.483*** [0.425 – 0.550] 0.507 *** [0.442 – 0.582] 0.662*** [0.589 – 0.743] 0.573 *** [0.505 – 0.650] 

0.032  0.036  0.039  0.037  

Constant 
0.584 [0.242 – 1.405] 0.512  [0.202 – 1.300] 0.319 *** [0.154 – 0.660] 0.664 [0.305 – 1.446] 

0.262  0.244  0.118  0.264  

Number of 

obs 
11,866 

   
16,225 

   

Source: Authors’ calculations based on SHARE (Börsch-Supan 2013) 

Note: Standard deviations are in italics. ***, **, *, are the significance at level 1, 5 and 10% respectively 

 

 

4. Discussion  
 

This study analyses the relationship between reported discrimination and self-assessed health 

among old men and women workers (50-65 years old) across 26 European countries. By applying 

several logistic regression models, we found a significant relationship between reported 

discrimination and self-assessed health, revealing that discrimination is an important determinant 

of individuals’ health. 

  

Contrary to our expectations, we found that reported discrimination affected more to old men’s 

health than old women’s, even after controlling for relevant characteristics. Previous studies found 

that women’s health is more negatively influenced by discrimination experiences compared to 

men’s (Coley et al. 2017; Hackett, Steptoe, and Jackson 2019), however, these studies focused 

their attention on much younger age groups than those included in our sample. This is a key issue 

to bear in mind since knowledge and awareness about discriminatory experiences have evolved 

over time. Some decades ago, there exist different types of prejudice and/or discrimination that 

were admissible and invisible in society. Nowadays, this type of practices are socially punished 



and not accepted by a large share of individuals. Thus, individuals who were born during the 50s 

and 60s have coexisted with social norms than do not correlate with the actual ones, leading them 

to interpreter discrimination differently or to not detect discrimination at all. For example, 

traditional gender roles characterized by women being those in charge of the domestic chores (i.e., 

cooking, cleaning, dependent care, etc.) and men being the breadwinners, were seen as the normal 

rule in that society, and treating working women differently from men might not be seen as a 

discriminatory experience for none of them. We then suspect that reported discrimination might 

be biased given the age of our sample, what might explain why we observed a low share of old 

women workers reporting discrimination. There also exist mixed evidence about gender 

discriminatory experiences in the labor market. For instance, in countries such as the US 

(Mukhopadhyay 2021), Mexico (Campos-Vazquez and Gonzalez 2020) or Spain (Mora 2009), 

women who are obese are less paid, and have less chances of being hired compared to obese men. 

However, in Sweden, there is evidence that the penalty of being obese in the labor market is only 

suffered by men and not by women (Dackehag, Gerdtham, and Nordin 2015). Moreover, another 

study for elderly people aged more than 60 (Lyons et al. 2018) suggests that young heterosexual 

men are more affected by discrimination due to age than other people. 

 

Our results also point to gender differences in the association between marital status and self-

assessed health, as previously highlighted by previous studies (Bulanda, Yamashita, and Brown 

2021; Han et al. 2014; Molsted et al. 2021; Tatangelo et al. 2017). We found that being divorced 

or single is more negatively associated with reporting poor health in case of old men than old 

women. However, widow(er)hood was only statistically significant for old women’s health. 

 

Finally, we also detected that educational attainment is a protective factor for individuals’ health, 

especially in case of old women. A recent study analyzing the gender gap in self-assessed health 

for the general Spanish working population found that higher education is associated with better 

SAHS, especially in case of women, since this help them to overcame this gap (Pinillos-Franco 

and García-Prieto 2017).  

 

  



5. Conclusions 
 

In this paper, the impact of perceived past discrimination has been analyzed for a sample of 30,000 

Europeans aged 50-65.  In particular, the paper focused on the corrosive effects of discrimination 

in the self-assessed health status.  

 

The descriptive analysis showed low levels of reported past discrimination for individuals in 

Europe. Nevertheless, differences between countries remain relevant. In general, male report 

higher levels of past discrimination than women. Similarly, individuals from richer countries 

recognize having suffered from discrimination in their lives. 

 

The econometric analyses produced more evidence on the effect of suffering discrimination on 

self-assessed bad health. We develop several models to control for personal and regional 

characteristics but also for objective health status. We prove that even when controlling for the 

physical health status (chronicity and limitations in daily activities), discrimination plays a key 

role increasing the probability of reporting bad health. Our results also suggest that discrimination 

would have a greater impact for older European men than their female peers. 

 

Overall, this study determined the importance of past self-perceived discrimination on health. This 

study has certain limitations arising from the SHARE database. Firstly, discrimination is measured 

through a self-reported question which implies some bias on the reporting and measurement of 

discrimination.  Secondly, a further analysis on the specific types of discrimination, reasons for it 

and side effects was not developed due to a lack of enough observations in the sample.  

 

Therefore, further research is needed on several fields: Firstly, other measures of discrimination 

should be analyzed through other databases or administrative data. Secondly, developing a 

regional analysis aiming at disentangling the gender differences in the self-reported discrimination 

by focusing on the cultural background of the different regions/countries.   
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Stypińska, J. and P. Nikander. 2018. “Ageism and Age Discrimination in the Labour Market: A 

Macrostructural Perspective.” Pp. 91–109 in Con- temporary Perspectives on Ageism, edited 

by L. Ayalon and C. Tesch­Römer. Springer. 

Tatangelo, Gemma, Marita McCabe, Stephen Campbell, and Cassandra Szoeke. 2017. “Gender, 

Marital Status and Longevity.” Maturitas 100:64–69. 

Wyman, M. F., S. Shiovitz­Ezra, and J. Bengel. 2018. “Ageism in the Health Care Sys­ Tem: 

Providers, Patients, and Systems.” Pp. 193–213 in on- temporary Perspectives on Ageism, 

edited by L. Ayalon and C. Tesch­Römer. Springer. 

 

 

 

  


