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Introduction 

 The value and transformation of sport 

Sport in Australia extends beyond the field of play. It is embedded in the cultural identity of many 

Australians, who participate for health and social engagement, follow sport through media or volunteer in 

community organisations. Sport is also a significant driver of the national economy, contributing an 

estimated $50 billion annually, with an additional $29 billion of health benefits and $5 billion of education 

benefits [1]. This equates to around $7 of benefits for every dollar spent in the sports sector [1]. The impact 

of sport extends to broader social outcomes, including supporting physical and mental health, improving 

education outcomes, fostering life skills in children, strengthening social cohesion and serving as a powerful 

vehicle for international collaboration, inclusion and social change [2, 3]. There is wide participation in 

sport and physical activity across the community: 66% of women, 66% of men and 57% people of other 

genders, 50% of people with a disability and 48% of First Nations Australians take part in informal or formal 

activities weekly [4]. Volunteers are central to this ecosystem, with more than three million Australians 

involved in community sport each year, providing labour and expertise that underpin grassroots 

participation [1]. Looking ahead, major events such as the Brisbane 2032 Olympic and Paralympic Games 

are expected to generate substantial additional benefits, with an estimated $70 billion uplift to national 

output through infrastructure development, tourism growth and international exposure [5]. 

While sport delivers substantial economic and social benefits, its impact is being further amplified by 

technological innovation, which is transforming performance, participation and fan engagement [6]. Over 

the past decade, advances such as wearable sensors and computer vision systems have become central to 

high-performance programs, enabling real-time monitoring of athlete biomechanics. One example is 

Swimming Australia’s platforms that track stroke rate, velocity and distance per stroke to optimise training. 

Globally, data-driven analytics have become integral to coaching across many sports, with predictive 

models informing tactical and performance decisions. At the community level, digital platforms are 

reducing barriers to participation and expanding engagement. Automated video production tools have 

lowered broadcasting costs, enabling community and niche sports to stream competitions at scale, while 

online platforms have made training resources and coaching advice more widely accessible. Together, 

these developments have expanded access to sport, diversified the ways Australians participate and 

reshaped how fans consume sports content. 

Despite this progress, the sector continues to face significant challenges. High-performance programs must 

maintain global competitiveness in a rapidly evolving sporting landscape, while community clubs remain 

heavily reliant on volunteers whose recruitment and retention are increasingly difficult. Shifts in media 

consumption, from traditional broadcasts to digital platforms, are disrupting revenue models and raising 

new questions about sustainable engagement. Participation costs, infrastructure pressures and the need to 

ensure genuine inclusion for culturally diverse communities, First Nations peoples, women and people with 

disability remain persistent concerns.  

Artificial intelligence: a new chapter for sport 

Artificial intelligence (AI) is bringing the next wave of technological advancement, with strong potential to 

help address many of the issues facing the sports sector – from automating administrative tasks to 

enhancing injury prevention and broadening access through translation and accessibility tools. AI is being 

adopted across all sectors of the Australian economy, supported by growing investment both domestically 

and internationally [7], and sport is no exception. At the same time, AI introduces new risks not previously 
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encountered in sport, ranging from bias in algorithmic decision-making to the misuse of sensitive biometric 

data, accountability gaps in AI-assisted decisions and ethical concerns when applied to children and 

vulnerable groups. 

AI in sport is not entirely new. High-performance programs in Australia and globally have a long history of 

experimentation, applying machine learning and sensor technologies to measure and improve athlete 

performance. Early applications used predictive analytics to analyse matches, forecast results, and optimise 

training and coaching strategies [8, 9]. In Australian swimming alone, computer vision, machine learning 

and sensor systems have been applied for more than a decade to improve performance metrics [10, 11]. 

Yet, adoption of AI is uneven. The Australian sports sector shows a dual track: while high-performance 

programs are advanced, the wider sector, including government agencies, sporting organisations and 

community clubs, remains at an early stage. Activity is often piecemeal, lacking consistent frameworks, 

guidelines or sufficient training. Among young adults aged 18–29, however, 58% believed AI would have a 

positive impact on sports engagement and broadcasting [12], pointing to strong expectations for future 

growth. 

This report responds to this dual reality. It seeks to help the Australian sports industry navigate AI adoption, 

harness opportunities responsibly and ensure that the sector is well positioned to leverage innovation in 

the lead-up to Brisbane 2032 and beyond. To achieve this, the report identifies four focus areas for AI use 

cases (Figure 1) and outlines a set of strategic actions mapped across short-term (1–3 year) and medium-to-

long-term (4–10 year) horizons.  

 

Figure 1: Four focus areas for AI in Australian sport 

The evidence presented draws on both international and national perspectives. We began with the 2024 

International Olympic Committee (IOC) Olympic AI Agenda [13], which identifies five strategic priorities for 

AI in sport: athlete safety and performance, equity, sustainability, sport engagement and operational 

efficiency. Through stakeholder consultations, these priorities were adapted to the Australian context, 

aligning with the goals of National Sporting Organisations (NSOs), including the Australia’s High 

Performance 2032+ Sport Strategy [14] and the National Sport Research Agenda [15]. The scope was then 

expanded to encompass both high-performance and community sport. Insights were gathered through 
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desktop research and a series of interviews with stakeholders across the sector, including sporting 

organisations, government agencies, athletes, coaches, technology companies, researchers and community 

sport representatives. A dedicated industry workshop was then held to test and refine these insights, 

validate the use cases and co-develop the roadmap of strategic actions. The report defines ‘sport’ and 

‘artificial intelligence (AI)’ as detailed in Box 1. 

Box 1: Definitions used in this report 

Artificial intelligence (AI) presents both major opportunities and new risks for Australian sport, and this report 
aims to support the sector in navigating adoption responsibly while preparing for Brisbane 2032 Olympic and 
Paralympic Games and beyond. 

For this purpose, we define sport as a human activity involving physical exertion and skill as the primary focus of 
the activity, with elements of competition or social participation, where rules and patterns of behaviour 
governing the activity exist formally through organisations, and which is generally recognised as a sport [16]. 

We define AI broadly as a set of interrelated statistical and computer science methods and technologies 
designed to learn from data, solve problems and perform tasks autonomously to achieve objectives. Applications 
of AI vary in sophistication and in the degree to which they depend on predefined rules and patterns [17]. 

How to use this report 

This report contains four chapters on the focus areas for AI use cases in sport. Within each chapter, we 

present example AI applications that have already been developed or deployed in Australian or 

international sporting contexts, as well as opportunities for future innovations. Following these chapters, 

we present a set of strategic actions that the Australian sports sector can take in the short and medium–

long terms to harness the benefits of AI.  

Throughout the report, we highlight responsible AI issues that sports sector organisations should consider, 

both in relation to specific AI use cases and the strategic actions that the sector can take in response to AI 

opportunities. These issues are highlighted using the Responsible AI in Sport framework developed by 

CSIRO’s Data61 and the Australian Sports Commission (ASC) (see Box 2).  

Box 2: Guidelines for responsible AI in sports 

Alongside the development of this roadmap, CSIRO’s Data61 and the Australian Sports Commission (ASC) 
developed A Guide for Responsible AI in Sports  to examine the ethical and governance considerations 
associated with applying AI in sporting contexts. The project identified a set of principles and guidelines that 
reflect the key risks and challenges raised by stakeholders across the sector. These concerns range from issues of 
transparency, bias and accountability, to the handling of sensitive data, the risks of over-surveillance and the 
potential for commercial exploitation. The following summary outlines the 10 most significant ethical 
considerations for responsible AI adoption in sport, providing a foundation for how future applications can be 
assessed and managed.  

Rank Ethical concern Why it matters 

1 Lack of transparency and 
explainability 

Users often don’t know how AI tools work or how decisions are made, 
eroding trust and enabling misuse. 

2 Bias and discrimination in 
AI models 

Many AI tools are trained on non-diverse datasets (such as gender, age or 
race), leading to unfair outcomes. 

3 Use of AI on youth without 
safeguards 

Applying AI to children (such as performance tracking or facial 
recognition) poses heightened ethical risks. 
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4 Absence of accountability 
structures 

No clear ownership when harm occurs – who is responsible: the coach, 
vendor, sporting organisation or AI itself? 

5 Privacy and data misuse Sensitive biometric, behavioural, or health data can be exploited, 
especially without informed consent. 

6 Over-reliance on AI over 
human judgment 

AI is sometimes treated as authoritative, even when it’s inaccurate, 
especially in performance or health. 

7 Commercial exploitation of 
athlete data 

Athlete or member data can be monetised without consent, especially in 
fitness and performance platforms. 

8 Lack of regulation and 
oversight 

Many tools (especially consumer-facing) operate in legal grey zones 
without sports-specific governance. 

9 Use of AI for surveillance 
or over-measurement 

Wearables and tracking tools can create a culture of constant monitoring, 
undermining trust and wellbeing. 

10 Exaggerated claims by AI 
vendors 

Hype around AI tools often misleads sporting organisations, particularly 
those in community or volunteer-led contexts. 

 

Australian sporting organisations can draw on the current report to identify AI applications aligned with 

sector priorities and to inform strategic actions that maximise benefits from adoption. The ways it may be 

used will differ across organisation types. Participation leads such as NSOs, National Sporting Organisations 

for People with Disability (NSODs) and State Sporting Organisations (SSOs) can explore relevant AI tools, 

assess associated challenges and consider opportunities that support both elite and community sport. 

Policymakers and investors can use the findings to shape strategy and guide investment. Research 

organisations and sports technology (sportstech) firms can identify priority areas for innovation, while 

commercial sporting organisations can track sector-wide developments and assess opportunities for 

uptake. Ultimately, the report is intended as a starting point for conversations across Australia’s sports 

sector on the actions and investments needed to realise AI’s potential.  
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Chapter: The use cases for AI in Australian sport 

Focus area 1: Advancing athlete performance, safety and clean 
competition 

AI is emerging as a significant enabler in Australian sport, with applications 

that can enhance athlete performance, improve safety and strengthen the 

integrity of competition. From capturing and analysing performance data to 

supporting more tailored training approaches, AI is beginning to provide 

coaches and athletes with faster and more actionable insights. At the same 

time, new tools are being explored to help predict and prevent injuries, 

monitor health risks and ensure fair play, both on and off the field. While 

the technology is still developing and evidence of impact is limited, its 

trialling across multiple sports highlights growing interest in its potential. 

This section provides a detailed discussion of these opportunities and their 

implications for the future of sport.  

Optimising athlete performance 

Optimising performance at the elite level requires accurate measurement of 

athlete performance and timely feedback. This information enables coaches 

and athletes to target areas for improvement, including technique and 

strategy. Traditionally, the collection of this information has relied on 

manual, resource-intensive processes, limiting the volume and the 

timeliness of feedback available to athletes and their support teams [11, 

18]. 

AI tools are being used to automate the collection and analysis of athlete performance data. These tools 

capture information through wearables, cameras or embedded sensors, with AI systems processing the 

data to generate near-real-time insights for coaches and athletes. For example, Swimming Australia’s 

Sparta 2 system, developed with the Australian Institute of Sport (AIS), applies computer vision algorithms 

to race footage to extract metrics like stroke rate, velocity and distance per stroke. Coaches use this 

information to optimise swimmers’ performance and benchmark against competitors. Initially used in 

competition, Sparta 2 has now been implemented in training environments, where it provides near-real-

time feedback via various dashboards. There are further plans to use generative AI to enable coaches and 

athletes to query the system’s data in natural language to make the information more accessible [11, 18]. 

Comparable applications have been developed across other sports. For example, Noah Basketball applies AI 

to data from backboard-mounted sensors to assess shooting characteristics and provide feedback to 

improve shooting technique [19, 20]. USA Surfing has partnered with Microsoft to develop an AI tool that 

uses video footage to produce metrics summarising a surfer’s movements, which coaches can use to 

improve performance and reduce injury risk [21]. In Formula 1 car racing, AI is applied to historical and real-

time data to predict a range of metrics, including tyre performance under different conditions and driving 

styles, to inform teams’ decisions [22]. In soccer and American football, AI tools are applied to video 

footage and sensor data to track player movements and provide insights into the opposing team’s 

strategies, with the aim of informing coaches’ tactical adjustments [23, 24]. Recent advances in AI could 

also enable the development of realistic virtual agents to simulate sports and identify successful new 

strategies [25, 26]. While there is minimal publicly available information on the effects of these tools on 
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athlete performance, the development, trialling and use of the tools across several sports suggest that they 

provide additional useful information for optimising performance.  

Personalising training programs and coaching 

Athletes vary widely in their biomechanical, psychological and physiological characteristics. Training 

programs tailored to these differences can optimise performance while reducing the risk of injury and other 

adverse health effects. Identifying the latest evidence-based best practices and adapting them to individual 

needs is often complex and time-consuming, creating challenges for coaches with limited time and for 

athletes without access to specialist support. 

AI tools can assist in designing personalised training programs, though their effectiveness varies by context. 

While general-purpose systems like ChatGPT and Google Gemini can generate exercise, training and 

recovery programs, studies indicate that these tools are more effective at providing general training advice 

than personalised programs for elite athletes. In high-performance contexts, researchers emphasise the 

need for human–AI collaboration, where coaches use AI tools to explore new ideas and tailor AI-generated 

advice to the specific needs of athletes [24, 27, 28]. An early example is Athletics Australia’s AI assistant, 

Mylah, which enables coaches to query and extract evidence-based information from reputable sources, 

such as the ASC and the AIS, on topics including strength training, running technique and nutrition [29]. This 

tool could be expanded to advise on other practical matters, like the ideal locations and timing of training 

camps leading into major events, based on factors such as weather, altitude and air quality. Another 

opportunity in this area is the development of an AI assistant trained on the practices of the best coaches in 

the sport, enabling coaches of young athletes to query and receive advice on best practices in coaching, 

training design and communication with athletes. A key challenge in developing such a tool would be 

providing elite coaches with incentives to share information about their practices to train the underlying 

model. 

Predicting and managing risk of injury or ill health 

Injuries and illness remain among of the most significant challenges in sport. For athletes, injuries can lead 

to long recovery periods, lost opportunities and long-term physical or psychological impacts. For teams and 

sporting competitions, injuries and illness reduce the availability of talent and the level of competition. 

Improved prevention and management of injuries is therefore central to sustaining athlete careers and 

maintaining high standards of performance.  

AI models have been developed to predict injury risk across sports, including Australian football, basketball, 

soccer, volleyball and athletics [30-32]. These models use data on athlete demographics, training loads, 

injury history, physical stress levels and genetic markers to estimate individual injury risk profiles, which 

coaches can use to adjust training loads to prevent injury. The results of this modelling have been mixed: 

some injuries, such as hamstring injuries in elite Australian Football League (AFL) players, can be predicted 

with reasonable accuracy [33], while others remain difficult to model, and insights into the underlying 

drivers of injury risk have been limited. The rarity and complexity of injury events and differences between 

athletes and sports make it difficult to collect sufficient data to accurately model injury risk. This challenge 

could potentially be overcome through the collection and modelling of large volumes of consistent athlete 

performance and injury data through tools such as the ASC’s Athlete Management System, which contains 

over 17 million observations on over 32,000 athletes [34].  

AI tools are also being applied to monitor athletes and their environments in real time to reduce illness and 

injury risks. The Australian Open Heat Stress Scale, developed by Tennis Australia and the Thermal 



 

 

  |  7 

Ergonomics Laboratory at the University of Sydney, was introduced at the 2019 Australian Open and later 

adopted by the Australian Olympic Team at Paris 2024 Olympic and Paralympic Games. It applies machine 

learning and thermo-physiological models to venue-based sensor data on variables such as temperature, 

humidity and wind speed to predict athlete heat stress and recommend interventions [35, 36]. Other AI 

tools use data from wearable sensors that measure physiological markers, such as creatine levels in sweat, 

to alert coaches and athletes when risks of heat stress are high [37]. Beyond heat stress monitoring, 

systems have been introduced in the United States National Football League to measure the frequency of 

head impacts using video footage, helping to identify players who need to change their tackling technique 

or wear modified helmets. Sportstech firms are also exploring AI-driven injury prevention devices, such as 

Hippos Exoskeleton smart knee brace, which uses sensors and AI models to detect awkward movements 

that could cause ligament tears. It then automatically inflates airbags around the joint to provide stabilising 

support [38].  

Supporting more precise sports officiating 

Accurate and consistent officiating is a persistent challenge in sport, with referees and judges often 

required to make rapid decisions under pressure and with limited visibility of the action. Mistakes in these 

moments can affect outcomes and erode confidence in the fairness and integrity of competition, creating 

demand for tools to improve the accuracy of officiating. 

AI-based tools have been developed to provide decision support to referees and judges and, in some cases, 

automate officiating. Hawk-Eye, for example, has long been used in sports such as tennis, cricket and 

basketball to track ball movement with minimal error, while the English Premier League has recently 

implemented optical tracking to precisely measure players’ positions in real time and assist referees with 

offside decisions [39]. In judged sports, Fujitsu has partnered with the International Gymnastics Federation 

to create a computer vision system that analyses gymnast movements and generates real-time scores, 

which are provided to judges to reduce human error and improve the consistency of scoring [40]. Similar 

technology from Owl AI has been used to trial fully automated scoring in events like the Winter X Games 

superpipe [41]. Elsewhere, research has shown that large language models (LLMs) can produce similar 

penalty judgments to human referees in taekwondo [42]. While the capability of AI tools to officiate sport 

will likely continue to expand, the adoption of these tools will depend on their accuracy and cost relative to 

human officials, along with audience preferences regarding the mix of human and machine officiating 

methods. 

Improving and broadening talent identification 

Elite sports outcomes in Australia depend on the identification and development of talented athletes. 

Mechanisms that broaden the pool of prospective athletes undergoing testing and evaluation can increase 

the flow of talented athletes into development programs and provide opportunities to athletes who would 

otherwise be overlooked.  

AI tools are being trialled in the identification of athletic talent at scale. For example, the Queensland 

Academy of Sport has launched the YouFor2032 application, which allows users to record themselves 

undertaking performance tests on their personal devices [43, 44]. Computer vision is used to analyse the 

data and provide insights to scouts for review, with successful candidates offered places in development 

programs. The International Olympic Committee has partnered with Intel to develop a similar tool that 

identifies talented child athletes and matches them to appropriate sports [45]. While evaluations have 

shown that AI can identify talented athletes in sports such as gymnastics and rowing [46, 47], there is no 

publicly available evaluation of the effectiveness of this recent large-scale use of AI tools in identifying 



 

 

  |  8 

talent across many sports. A concern raised during stakeholder consultations is that in only measuring a 

subset of the factors that drive athletic success (such as agility and speed) and omitting other important 

factors (such as resilience and aerobic capacity), the tools might produce inaccurate predictions of long-

term success in some sports.  

Despite this concern, AI provides several opportunities to increase the scale and reach of talent 

identification. For example, the Australian sports sector is exploring ways to embed the assessment of 

students’ physical literacy – the combination of physical skills, motivation, knowledge and social abilities 

that support participation in movement and indicate athletic talent – into the National Assessment 

Program. Computer vision could be used to automatically assess the physical skills aspect of this literacy, 

reducing the need for manual assessments and supporting talent identification at a significantly larger scale 

than existing systems. In addition, AI-based talent identification systems could be particularly useful for 

broadening the pool of candidates for initiatives such as Para System Uplift, which aim to expand 

participation in Paralympic development programs, with existing talent identification processes for para-

athletes limiting access to elite pathways [48].  

Detecting threats to clean competition 

Doping remains a persistent problem in sport, undermining fair competition and posing health risks to 

athletes. Detecting doping is difficult, as it traditionally relies on frequent biological sampling and 

laboratory testing, processes that are costly and time-consuming. To improve the efficiency of these 

processes, the World Anti-Doping Agency (WADA) has funded research into AI tools that can help identify 

suspicious cases more effectively [49]. Such tools include systems to detect urine sample swapping, analyse 

blood samples for erythropoietin doping and estimate athlete doping risk profiles to better target testing 

[50, 51]. While these approaches show promise in supporting experts and optimising anti-doping programs, 

the extent of their adoption by WADA is unclear. 

Identifying and preventing match fixing is another challenge for maintaining the integrity of sport and 

limiting the influence of illegal gambling. To tackle this problem, researchers have developed models that 

analyse historical match data to predict expected outcomes, flagging potential fixing when actual betting 

odds deviate significantly from these predictions [52-54]. More recently, models have been used to monitor 

betting markets in real time and detect abnormal fluctuations that may indicate manipulation [55]. These 

approaches offer ways to strengthen oversight, providing warnings of suspicious activity for further 

investigation.  

Protecting athletes from online abuse 

Online abuse directed at athletes via social media platforms is a growing problem. This abuse can have 

negative impacts on athletes’ mental health and wellbeing, driving demand for tools that can detect, 

reduce or remove abusive material targeted at athletes.  

Major sporting organisations have started adopting AI systems to monitor and manage online abuse. For 

example, the International Olympic Committee and professional tennis governing bodies have 

implemented Signify’s Threat Matrix system, which scans social media for abusive messages and flags them 

for review, with the goal of removing harmful messages before athletes see them [56-58]. In 2024, the 

system processed 1.6 million messages about professional tennis players, identifying 8,000 as abusive or 

threatening, with several cases referred to law enforcement for further action [59]. FIFA implemented a 

similar tool during the 2022 World Cup and worked with social media platforms to have abusive content 

removed. The system identified around 20,000 instances of abuse or threats targeting players, coaches and 

officials [60]. While evaluations of the effectiveness of these tools in reducing online abuse are not publicly 
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available, research has shown that AI tools can have high accuracy in detecting abusive material in text. The 

adoption of these systems by major sporting bodies suggests that the systems are a cost-effective means of 

reducing online abuse at scale.  

Responsible AI considerations for athlete performance, safety and clean competition 

• Use of personal and sensitive data: Injury prediction tools rely on highly personal health information. 

Responsible use requires strict privacy safeguards and clear protocols to prevent misuse in selection or 

deselection decisions, while avoiding misinterpretation that could result in unnecessary interventions. 

• Talent identification and fairness: AI-driven talent identification risks encouraging early specialisation in 

children and adolescents, which is linked to burnout and injury. It may also widen a digital divide if access to 

digital tools and infrastructure is uneven across communities. 

• Transparency and accountability in decision support: When AI informs coaching or officiating, outputs must 

be explainable and transparent. Without clear communication of how results are derived, there is a risk of 

over-reliance on systems and reduced accountability for critical decisions. 

• Bias and systemic inequities: Predictive models trained on historical or incomplete data may perpetuate 

existing inequities, disadvantaging under-represented groups or reinforcing systemic barriers. Responsible AI 

use requires attention to inclusiveness, diversity of datasets and careful monitoring of unintended bias in 

outcomes. 

• Human oversight and augmentation: AI tools should be positioned to support, not replace, human expertise. 

Coaches, medical staff and officials must remain central decision-makers, ensuring that athlete wellbeing and 

fairness are prioritised over automated outputs or predictive recommendations. 

• Trust, safety and integrity: Doping, match-fixing and online abuse detection systems require independent 

evaluation and continuous review. Without reliable evidence of accuracy, false positives could unfairly harm 

reputations and erode confidence in AI’s role in protecting clean competition. 

• Evidence and evaluation: AI applications on athlete performance and injury prediction may be adopted at 

early stages of development before they have undergone systematic testing. Rigorous and independent 

evaluation is necessary to ensure applications deliver benefit and do not cause unintended harm. 
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Focus area 2: Optimising the efficiency and sustainability of sporting 
operations 

AI is increasingly being applied to improve the efficiency and sustainability of 

sporting operations, from community clubs to major stadiums. For community 

organisations, AI offers opportunities to reduce administrative burdens, streamline 

communications and enhance access to information. This helps stretched staff and 

volunteers focus more on participation and engagement. Tools are also emerging 

to support compliance with complex policy requirements, assisting organisations 

to meet obligations while maintaining human oversight of critical decisions. In the 

area of volunteering, recommender systems and generative AI tools could help 

attract, match and retain volunteers, strengthening the sustainability of 

community sport. At larger venues, AI-enabled crowd management, security 

screening and automated food services are being adopted to reduce costs and 

improve fan experience. Meanwhile, data-driven forecasting and energy 

management systems are demonstrating value in reducing waste and emissions, 

aligning sporting operations with broader sustainability goals. Together, these 

developments highlight how AI can deliver both operational efficiencies and long-

term benefits for the sector, with this section providing a detailed discussion of 

current applications and future opportunities. 
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Streamlining sports administration, management and communications 

Community sporting organisations carry out a range of tasks to enable participation in sport, from handling 

public enquiries and scheduling matches to grading players into teams, recruiting staff, making operational 

decisions, and promoting the club and its sport within the community. With limited staff and resources, 

managing these responsibilities can be challenging, creating demand for tools that reduce the burden on 

volunteers and administrators.  

Several AI tools are available to support sporting organisations in performing administrative tasks. Many of 

these organisations are already using general-purpose AI tools for administrative work such as note-taking, 

drafting emails and summarising meetings. More specialised AI tools have been developed for sport-

specific needs, including AI-supported match-scheduling platforms like Fastbreak AI, which generates 

schedules based on rules and preferences about venue availability, umpire assignments and team balance 

[61, 62]. Looking ahead, experts consulted in our study see an opportunity to apply AI to player 

performance data from previous seasons or pre-season trials to grade players into appropriate teams. 

AI can also support communication and marketing, helping staff promote their organisation and respond to 

enquiries. Off-the-shelf generative AI tools for image, video and website generation reduce the time and 

expertise needed to create professional-quality advertisements, social media content and websites. While 

using these tools requires some level of AI literacy, best-practice guides are available to support new users. 

Elsewhere, chatbots enabled by LLMs trained on information about organisational policies, processes and 

systems could enable staff and the public to obtain timely, consistent answers to queries. Evaluations have 

shown that such chatbots are an effective means of providing information in customer service and retail 

settings.  

Improving access to sporting information and resources 

There is an abundance of guidelines, best-practice documentation and research available to support the 

sports sector. Yet community sporting organisations often lack the time and capacity to search these 

sources and translate them into practical action. While the Clearinghouse for Sport addresses this problem 

by providing a central repository for the Australian sport evidence base, many organisations still face 

barriers in efficiently accessing and applying the information most relevant to their needs.  

LLMs could make this information more accessible and tailored to the needs of different organisations [63, 

64]. Such models are already being used in other sectors to retrieve, summarise and customise information 

from repositories of scientific literature and company reports. Some Australian sporting organisations have 

started to experiment with these capabilities internally, as stakeholder interviews revealed. A specific 

opportunity for the sports sector is to design a system to retrieve and translate information from sources 

such as the Clearinghouse for Sport and the results of the AusPlay survey on sports participation. This 

would enable participation leads (NSOs and SSOs) to obtain relevant information for decisions about 

participation strategies and programs. Another opportunity is to develop a system that extracts information 

about sports funding sources across the government, philanthropic, corporate and university sectors, 

enabling administrators to identify and pursue relevant opportunities. These systems could be particularly 

useful for smaller organisations that lack the resources to obtain specialist advice in these areas. In using 

such tools to retrieve and summarise information, users should be aware that LLMs can produce errors or 

omissions, making it important to verify the output for accuracy and relevance and to use it as a starting 

point rather than a final answer. 
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Increasing volunteering involvement 

Volunteers underpin many community sporting organisations, providing the time, skills and commitment 

needed for day-to-day operations. Many of these organisations lack the resources and systems to 

effectively recruit, support and retain volunteers, which places pressure on their sustainability and limits 

the growth of community sport. 

Prototype AI recommender systems have been developed to match volunteer profiles with roles based on 

interests, availability and capabilities, thereby improving the likelihood of successful placements [65]. Such 

systems are widely used by online job market platforms to match jobseekers to newly advertised jobs 

based on the jobseeker’s profile and search behaviour, the preferences of similar jobseekers and job 

descriptions [66, 67]. A challenge in applying these systems to community sports volunteering is obtaining 

sufficient data on candidate profiles and available roles to facilitate high-quality matches. Tools that assist 

individuals and organisations in creating volunteer profiles and role descriptions could help to generate the 

data needed to identify matches. These systems could be especially valuable for engaging people with 

disabilities in sports operations by helping to identify roles aligned with their capabilities.  

Other AI tools can also increase the participation of volunteers in sporting organisations. Machine learning 

models applied to volunteer participation data have shown promise in predicting volunteer attrition and 

identifying interventions that support retention [68]. Generative AI tools can personalise messaging to 

potential volunteers based on their interests and needs, helping to attract their attention. In addition, the 

use of AI tools to automate administrative and communication tasks could simplify roles for new 

volunteers, making the roles more appealing. Here, to avoid making volunteer roles less attractive, 

organisations need to distinguish between tasks that volunteers want to be automated and tasks that they 

value as part of their role.  

Supporting compliance with organisational guidelines and policies 

The compliance environment is increasingly complex for sporting organisations, encompassing a growing 

range of policies and guidelines. Meeting these obligations requires substantial time and administrative 

effort, which can be difficult to manage with limited resources. These pressures can divert attention away 

from other important activities, such as player development and community engagement.  

LLMs can reduce the compliance burden facing sporting organisations. Recent evidence from legal, financial 

and regulatory domains shows that LLMs can assist with information retrieval, drafting documentation to 

meet requirements and assessing claims against standards [69-71]. Their main value is in accelerating 

information retrieval and document preparation as well as highlighting potential problems that human 

analysts might overlook. Since they can produce errors and omissions, they are not suitable for fully 

automating compliance processes and are best used as an assistant that complements human oversight.  

Experts identified several opportunities for the application of LLMs in sports compliance. Clubs, NSOs and 

SSOs could use LLMs trained on policy and guideline documents to query requirements and receive advice 

when incidents occur, reducing procedural errors. LLMs could also assist in preparing participation plans 

aligned with the national Play Well guidelines and in drafting applications for recognition as NSOs or NSODs 

[3]. At the same time, they could provide ASC with a more efficient way to assess applications, which are 

currently reviewed manually through time-consuming processes. While these measures could improve the 

efficiency of compliance processes, it is important for organisations to not over-automate these 

procedures, as this could lead to the overly rigid application of rules, the erosion of organisational expertise 

and insufficient human attention on the judgment calls that need to be made in compliance processes.  
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Managing and maximising the utilisation of sports facilities 

Operating sports stadiums during major events is costly and labour intensive, requiring staff for safety 

checks, crowd control and food services. To improve efficiency and reduce costs, venues are adopting AI 

systems. The Melbourne Cricket Ground (MCG) and Atlanta’s Mercedes-Benz Stadium use Evolv 

Technology’s concealed weapons detection system, which applies computer vision to scan entrants and flag 

suspicious cases [72-74]. At Sydney Olympic Park, the New South Wales Government’s Creating Safer 

Crowded Places initiative integrates closed-circuit television (CCTV), social media and environmental sensor 

data to monitor crowd sentiment in real time, enabling targeted announcements or the opening of 

additional exits when needed [75]. AI is also being applied to food service: the AFL has introduced 

Amazon’s Just Walk Out technology at the MCG and Marvel Stadium, allowing fans to pick up items in their 

food outlets and leave without using a checkout, with purchases tracked by computer vision and shelf 

sensors [76-78]. Similar systems are used internationally, such as at the Intuit Dome in Los Angeles, where 

it has substantially reduced wait times for fans at United States National Basketball Association (NBA) 

games [78].  

The broader digitisation of stadiums generates data that could have value in a range of AI applications. For 

example, computer vision could be applied to video footage of games to generate performance insights for 

coaches and to footage of crowds to measure the effects of different engagement strategies. More broadly, 

the data that stadiums collect could have value in training AI models for application across a variety of 

sectors, enabling stadium operators to become custodians of valuable data and hubs for innovation in AI.  

At the community level, sports facilities are often underutilised. Data collected through booking systems 

can be used to develop models that forecast demand, enabling managers to optimise usage by adjusting 

staffing levels, reconfiguring spaces for different activities, applying dynamic pricing or opening facilities to 

schools and other groups during low-demand periods. Such actions can increase the use of these facilities 

and provide greater benefit to the community.  

Promoting sustainable practices in sport 

Sporting organisations face growing pressure to adopt sustainable practices that reduce their carbon 

footprint and meet community expectations. A central challenge lies in managing resources efficiently 

across areas such as merchandise production and stadium operations, where oversupply and waste drive 

up both costs and emissions. Conventional demand-forecasting methods rely heavily on historical sales or 

seasonal patterns, often producing mismatches between supply and actual consumption, leading to excess 

stock and waste. 

To overcome these issues, new approaches are emerging that apply AI to improve forecasting and resource 

management. For example, organisations that provide food services at sporting events, such as Aramark 

Food and Entertainment, use AI to: forecast required staffing and product levels based on historical data; 

summarise consumer feedback to better understand preferences; and optimise menu design based on 

consumer preferences and costs [79, 80]. AI is also being applied to reduce stadiums’ carbon footprints by 

monitoring and adjusting energy-intensive systems such as lighting, heating, ventilation and air 

conditioning (HVAC) and digital displays in real time. Evidence shows these measures can significantly lower 

both waste and energy use, aligning operational efficiency with sustainability objectives [81, 82].  

Responsible AI considerations for efficiency and sustainability of sporting operations 
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• Supporting compliance: Over-reliance on AI in compliance risks rigid rule application and the erosion of 

organisational expertise. Systems should be designed to complement human judgment, preserving 

accountability while recognising that many compliance processes involve context-specific decisions requiring 

human oversight. 

• Volunteer engagement and fairness: Recommender systems for volunteer-matching rely on accurate and 

inclusive data. If profiles are incomplete or biased, some groups may be disadvantaged. Transparent design 

and equitable data practices are essential to ensure fair access to opportunities. 

• Accuracy and reliability of administrative tools: AI used in scheduling, communications or information 

retrieval may generate inaccurate or misleading outputs. These systems should be treated as assistants rather 

than decision-makers, with results verified to avoid operational errors and safeguard trust. 

• Data privacy in facility and crowd management: Stadium and facility systems often use extensive video, 

sensor or biometric data. Responsible use requires strong privacy protections, clear boundaries on secondary 

uses and transparency for participants about how their information is collected and managed. 

• Sustainability and unintended consequences: AI-driven optimisation of energy and resources can reduce 

waste and emissions, but may overlook broader impacts. Ongoing monitoring is needed to ensure efficiency 

gains translate into genuine sustainability outcomes for sporting organisations and communities. 

• Transparency and explainability: Decisions produced by AI systems for scheduling, funding allocation or 

compliance must be interpretable and open to scrutiny. Without explainability, organisations risk reduced 

trust and accountability, particularly when AI-driven outputs significantly influence resource allocation or 

strategic decisions. 

 

Focus area 3: Boosting engagement with sport 

Engagement with sport in Australia is being transformed by digital 

technologies, with AI at the forefront of this shift. Lower production costs 

and automated content creation are making broadcasting more accessible 

for community and niche sports, while also supporting new formats, such as 

highlights and short clips that appeal to younger audiences. AI-enabled 

analytics are enriching fan experiences by providing real-time insights, 

although their complexity can present barriers for new viewers. Participation 

is also being supported through tools that assess physical literacy and 

recommend pathways across different sports. In the commercial sphere, 

data-driven marketing, sponsorship evaluation and generative content tools 

are helping organisations connect with audiences more effectively and at 

lower cost. Collectively, these developments point to a changing landscape of 

how Australians watch, follow and take part in sport. This section provides a 

detailed discussion of current applications and emerging opportunities. 
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Making sports broadcasting more efficient and accessible 

The sports sector faces challenges in engaging viewers through broadcasting. High production costs mean 

coverage is often limited to elite and high-profile competitions, with community and niche sports lacking 

the resources for professional broadcasts, restricting their ability to expand audiences. Changing viewing 

patterns also present a challenge, with younger audiences increasingly engaging through highlights, short 

clips and digital platforms rather than traditional full-length broadcasts [6]. 

AI technologies are helping to overcome these challenges through autonomous video recording, event 

indexing, highlight generation and inclusion of commentary. Several companies offer these technologies 

and services in the Australian market, including Veo, Hudl, Pixellot and PlaySight. These platforms have the 

capacity to reduce production costs, creating the possibility of high-quality coverage for a wider range of 

sporting contexts, and supporting the production of short clips and summaries preferred by some 

audiences. Football Australia has announced plans to use AI cameras at selected venues to stream the 

Hahn Australia Cup a national competition spanning community through to A-League levels [83, 84].  

The implementation of AI systems in sports broadcasting faces barriers, particularly in community sport. 

While AI camera technologies are becoming more affordable and are promoted as a way for community 

and niche leagues to expand viewership, actual uptake remains limited. Although little researched to date, 

there is some international evidence to suggest equipment and subscription costs, gaps in technical 

capability and reluctance to move away from established practices can hinder adoption [85, 86]. Therefore, 

the benefits for community and niche sports are likely to be uneven and gradual. In addition, experts 

consulted in our study have highlighted that ethical guidelines on the capture and use of video footage are 

required to guide the responsible implementation of these technologies in community sporting contexts.  

Helping fans better understand and engage with sport 

Fan engagement is a key driver of revenue generation and participation in sport. In Australia, audience 

preferences are shifting towards digital channels, with increasing use of websites, applications (apps) and 

streaming services, and reduced use of free-to-air and pay television [6]. These platforms provide new 

opportunities to increase audience engagement.  

Sporting organisations are using AI tools to provide new sporting insights to fans via apps. Cricket Australia, 

in partnership with Microsoft and HCLTech, developed an AI Insights feature that provides real-time, text-

based updates and strategic analysis during matches, introducing it at the 2025 Women’s Ashes [87]. 

Organisations such as NBA and Spain’s LaLiga have used Microsoft’s Azure AI to provide game analytics and 

highlights on demand through apps [88]. The US National Football League has implemented similar 

analytics overlays through a partnership with Genius [89]. In Germany, the Bundesliga partnered with 

Amazon Web Services to capture player position and speed data from multiple cameras to produce live 

predictions – such as the likelihood of a goal being scored – made available as ‘game facts’ through its app 

[90, 91]. Developing the machine learning algorithms underpinning these analytics is a popular area of 

research, with some studies showing promisingly high accuracy rates [90, 91]. However, analysis of the 

benefits of these tools for increasing engagement among fans is limited. There is some evidence that novice 

viewers may find it difficult to interpret the analytics, making the tools less effective at attracting new 

audiences [92].  

To better engage new viewers, AI tools could focus on supporting the basic interpretation and 

understanding of sporting action as it occurs. This approach could be particularly useful for increasing fan 

engagement in para-sports, where the complex para classification system can act as a barrier for audiences 

[93]. For example, in multi-class swimming events, results are determined by a points system designed to 
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enable fair competition across athletes with different impairments [94]. Here, an AI system could be used 

to compute and display real-time rankings based on this points system, making outcomes more transparent 

and accessible to spectators.  

Opening new pathways into sport 

Participation in sport underpins important outcomes, including community health and wellbeing, social 

cohesion and the development of elite talent. The establishment of new pathways could make it easier for 

people to take up and remain engaged in sport, increasing participation and the associated benefits.  

As noted earlier, the Australian sports sector is exploring ways to embed physical literacy assessment into 

the National Assessment Program, with the early development of physical literacy a driver of long-term 

engagement in sport [95]. AI tools could support this assessment process in multiple ways. For example, 

computer vision could be applied to footage of students performing physical assessments to provide 

scores, reducing the need for human assessors. In addition, the large datasets generated through this 

assessment program could be used to develop models that reveal the drivers of physical literacy. This 

information could inform the design of programs to overcome the barriers to participation in sport. Experts 

emphasise that such programs should encourage participation in activities that match children’s interests 

and motivations, while also promoting sports sampling – trying multiple sports before specialising – a 

practice linked to improved performance and reduced risk of injury or burnout [96, 97].  

Another opportunity to open new pathways into sport is to develop recommender systems to assist 

athletes and para-athletes in transitioning between different sports as their preferences and circumstances 

change. These systems could suggest new sports based on the athlete’s characteristics and preferences, the 

abilities required in each sport and the transitions undertaken by similar athletes. Recommender systems 

have been widely used to recommend content across e-commerce, media streaming and social media 

platforms, where data on user preferences and behaviour are abundant. A challenge in developing such 

systems to recommend transitions into new sports is obtaining sufficient data to train the models to 

produce relevant and practical recommendations.  

Embedding data-driven approaches to sports marketing and sponsorship 

Professional sporting organisations rely on revenue from sponsorship, advertising, and ticket and 

merchandise sales. These organisations undertake a variety of marketing activities to increase this revenue, 

from ticket pricing to designing marketing materials and campaigns. The growth of digital and social media 

platforms has increased the volume and types of data available to inform these marketing activities.  

Sporting organisations have used these data to develop predictive models that enable more targeted 

marketing. For example, the Golden State Warriors (an NBA team), in partnership with Google, draws on 

over 30 data sources – including app and website interactions – to inform decisions about ticket pricing and 

online content [98]. Ticketmaster Sport applies machine learning to purchasing and market behaviour data 

to enable dynamic ticket pricing [99]. Sponsorship-specific platforms, such as FanAI, use audience datasets 

on viewing and purchasing behaviour to evaluate the commercial impact of sponsorship deals [100]. Text 

mining and social media monitoring tools, provided by companies like Brandwatch [101] and Meltwater 

[102], may be used to track sentiment towards teams and brands [103]. Together, these applications 

demonstrate how AI tools are reshaping the way sporting organisations manage marketing and 

sponsorship. 

Generative AI tools could reduce the cost of producing and personalising marketing material. Text 

generators such as ChatGPT and Claude, and image tools such as DALL·E and Canva, could lower the costs 
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for sporting organisations to create promotional material for websites, social media and sponsorship 

campaigns [104]. These tools can also support personalised marketing at scale, modifying content to target 

different audience segments [105]. While effectively using these tools requires some level of AI literacy to 

design prompts or configure agents, guides are widely available [106, 107]. In lowering costs, these tools 

might enable smaller sporting organisations to expand their marketing reach.  

Improving sports forecasting for sports betting 

Sports betting and fantasy leagues represent major avenues through which Australians engage with sport, 

with betting alone constituting a multi-billion-dollar industry [108]. However, the extent to which these 

activities genuinely enhance fan engagement remains unclear. Some studies suggest that betting is 

associated with greater sports media consumption [109], while others indicate that unfavourable outcomes 

can diminish engagement [110], raising questions about the long-term impact of betting as a pathway to 

sustaining interest in sport. 

AI is now central to sports forecasting, enhancing the accuracy, speed and accessibility of predictions used 

in betting and fantasy sports. Machine learning and statistical models use large volumes of game data, 

player statistics and viewing behaviours to generate real-time forecasts of game outcomes [111, 112]. In 

Australia and internationally, companies such as Wicky.AI and Stats Perform, respectively, apply these tools 

to sports that include cricket, rugby league and basketball [113]. In the fantasy sports market, IBM’s 

watsonx [114] provides predictive analytics within Entertainment and Sports Programming Network 

Fantasy Football, while apps such as RotoBot AI allow users to compare player and team statistics, access 

forecasts and inform their decision-making in fantasy league play [115]. These applications illustrate how 

AI-enabled forecasting is being used to support fantasy sports and betting markets and expand the ways in 

which fans engage with sport. 

Responsible AI considerations for engagement with sport 

• Access and equity in broadcasting: AI broadcasting systems may reduce costs but adoption barriers – such as 

equipment and subscription fees – could limit benefits to well-resourced organisations. Ensuring equitable 

access will be important so community and niche sports are not left behind. 

• Transparency of analytics and insights: Advanced game analytics can enrich fan experiences but may confuse 

new audiences. Providing clear explanations, accessible visualisations and context is essential to ensure AI-

driven insights improve understanding rather than deepen barriers to engagement. 

• Participation pathways for children: AI tools for physical literacy assessment and talent recommendations 

involve sensitive data on children. Responsible implementation requires strong privacy protections, 

transparent consent processes and safeguards to avoid premature specialisation or inappropriate profiling of 

young athletes. 

• Responsible marketing and sponsorship: AI systems used for targeted marketing or sponsorship evaluation 

must manage personal and behavioural data carefully. Clear boundaries around data use and transparency 

about how fan data inform marketing decisions are important for maintaining trust and accountability. 

• Integrity in betting and forecasting: AI-enabled sports forecasting supports betting and fantasy leagues but 

raises concerns about gambling harms. Responsible design requires collaboration with regulators, 

transparency about limitations and safeguards to avoid exacerbating problem gambling or unfairly influencing 

markets. 

• Evaluation of AI tools: Hype around AI tools for broadcasting and marketing may result in misleading 
expectations about their benefits. Responsible implementation requires ongoing evaluation of how these 
tools affect different user groups and ensuring they genuinely support engagement. 
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Focus area 4: Broadening the diversity, inclusiveness and accessibility of 
sport 

Broadening diversity, inclusiveness and accessibility remain central to the 

future of Australian sport, and AI is beginning to play a role in supporting 

these goals. From reducing language barriers to making broadcasts and 

venues more accessible, AI tools are presenting opportunities for participation 

and engagement among culturally and linguistically diverse communities, First 

Nations peoples and Australians with disabilities. Innovations in real-time 

translation, captioning and audio description are already helping more fans 

and athletes connect with sport, while new applications aim to improve 

visibility for under-represented athletes, reduce barriers to entry for para-

athletes, and assist organisations in detecting and managing discrimination 

more consistently. These developments highlight AI’s potential to 

complement existing inclusion strategies and create sporting environments 

that are more welcoming, representative and accessible. This section provides 

a detailed discussion of current applications and future opportunities to 

harness AI in advancing diversity and inclusion across Australian sport. 

 

Bridging language divides in sport 

Language and communication barriers limit participation and inclusion in sport, affecting athletes, coaches, 

volunteers and fans. For culturally and linguistically diverse communities, difficulties accessing information 

or broadcasts in their preferred language can restrict involvement, and language differences can create 

barriers to communication between athletes and officials. Similarly, athletes with hearing impairments can 

face challenges in communicating during play. Addressing these concerns can increase the inclusivity and 

accessibility of sport.  

AI tools can overcome language barriers in sport in various ways. Sporting organisations can use LLMs to 

translate information provided through websites and advertisements into other languages while preserving 

its intent and tone, making it accessible to linguistically diverse communities. On the spectator side, tools 

for real-time language translation of athletes’ speech during play, including those developed by startup 

CAMB.AI, have been trialled at major events, such as the 2024 Australian Open tennis [116]. Similar 

applications have been introduced in cricket, rugby and Major League Soccer in the United States , where 

live translation of refereeing and commentary is helping to make broadcasts more accessible to global 

audiences [117]. From the player perspective, these tools can be used for real-time language translation 

during play to improve communication between players and officials. Further, emerging technologies for 

real-time sign language recognition and lip-reading could soon enable faster and more accurate exchanges 

between hearing-impaired athletes, coaches and officials.  

Improving the fan experience for those with visual, hearing or intellectual disability 

For fans with visual, hearing or intellectual disability, mainstream sports broadcasting often does not 

provide an accessible or engaging experience. Features such as detailed audio descriptions, accurate 
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captioning or simplified explanations of key events are limited or absent, which makes it harder for these 

audiences to follow the coverage. 

AI tools have been developed to improve the experiences of fans who are blind or have low vision. Action 

Audio, an Australian innovation, converts visual footage into a three-dimensional (3D) soundscape to 

enable listeners to perceive the location, intensity and trajectory of play, and was trialled at the 2022 

Australian Open [118, 119]. Similarly, collaborations between Champion Data, Telstra and Field of Vision 

have developed a haptic (touch) trackpad that mirrors real-time ball movements in AFL games, providing 

tactile cues to fans [120]. Broader applications, such as Microsoft’s Seeing AI and Google’s Lookout, use 

computer vision and natural language processing to generate live audio descriptions of camera imagery and 

text, and may improve the experience for fans who are blind or have low vision [121].  

Several recently developed AI tools could improve the experience of fans with other disabilities. For people 

who are deaf or hard of hearing, off-the-shelf AI systems can convert live audio commentary into text, 

providing more timely captioning to support understanding of the game [121, 122]. For people with 

intellectual disability, LLM-based tools could translate live commentary and event data into simplified 

explanations and summaries, drawing on established frameworks, such as Easy Read, to ensure clarity and 

accessibility [123]. Elsewhere, ‘emotion AI’-based tools could improve emotional accessibility, such as real-

time interpretation of athletes’ emotions based on footage of facial expressions. This could provide those 

who find it challenging to interpret emotions with a better understanding and appreciation of sport [124, 

125]. These applications highlight the potential for AI to help make sports broadcasting more inclusive and 

responsive to diverse audience needs. 

Increasing the visibility of under-represented athletes 

Many athletes outside the mainstream struggle for visibility and recognition. Limited media coverage 

means their achievements often go unnoticed, while their perspectives and concerns receive little 

attention. These barriers reduce opportunities for growth, recognition and feedback on how to improve 

athlete experiences in the long term.  

AI tools can help to address these problems. In broadcasting, AI-generated commentary and highlights 

provide an avenue for increasing viewership for under-represented sports and athletes [126]. For example, 

IBM’s watsonx generative AI platform has been used to generate commentary and highlights packages for 

tennis matches at Wimbledon that would not usually have a human commentator [114, 127]. Expanding 

such applications to sub-elite competitions and less popular sports could increase the visibility of a wider 

range of athletes.  

AI can also be used to share and learn from the experiences of under-represented athletes and support 

their development. For example, the Stanford Sports Equity Lab has partnered with Amoofy to develop a 

platform that collects first-hand accounts of under-represented athletes’ experiences. It then uses AI to 

summarise these accounts under themes such as discrimination, mental health and resilience. The longer 

term aim of the project is to use this information to assist in the development of educational materials and 

training content that address the concerns raised. This could support the future development of athletes 

from similar backgrounds [128]. More broadly, such tools could provide an effective means of collating 

large-scale feedback from under-represented Australian athletes on their concerns and ways to improve 

their experiences.  
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Reducing barriers to entry and progression for para-athletes 

Para-athletes encounter a wide range of obstacles when entering and progressing through high-

performance sport. These challenges include: difficulties in accessing information about para-sport 

opportunities; limited capability within sporting organisations to administer para-classifications; low 

availability of coaches with the expertise required to coach para-athletes; and high staff turnover, requiring 

athletes to repeatedly educate new staff about their preferences and needs. Overcoming these barriers 

would improve the experiences of para-athletes and enable greater participation in para-sports.  

Recently developed AI technologies have the potential to address some of these barriers. LLMs trained on 

repositories of documentation about para-sport opportunities and para-classification processes could 

enable prospective para-athletes to discover appropriate sports. They could also help sporting 

organisations to improve their capabilities in administering para-classifications. Further, LLMs trained on 

best-practice coaching guidelines across different para-sports and the preferences of different para-

athletes could assist coaches in developing required skills and adapting their approaches to the needs of 

each athlete [121]. While these LLM-based tools can make information retrieval more efficient, their 

effectiveness depends on the accuracy and relevance of the underlying data. Therefore, a key challenge in 

developing such models is creating and updating the repository of documentation on which the models are 

trained.  

Making sports venues more accessible 

Navigating large sports venues can be a challenge for fans with reduced mobility or who are blind or have 

low vision. Barriers such as inaccessible routes, limited signage or difficulties in locating facilities can lead to 

negative fan experiences and, in some cases, prevent individuals from attending events altogether. 

AI has been used to enhance venue accessibility and improve mobility for fans. At the Paris 2024 Olympic 

and Paralympic Games, AI models were combined with digital twins of several venues to identify routes for 

individuals with limited mobility and generate real-time audio directions for fans who were blind or had low 

vision based on their location, with this information provided to users through a smartphone application 

[129]. The International Olympic Committee plans to apply this method to a larger number of venues at the 

2026 Milano Cortina Winter Olympic Games [130]. Other applications that use computer vision and natural 

language processing to generate live audio descriptions of camera imagery and text, such as Microsoft’s 

Seeing AI and Google’s Lookout, could also be used to improve venue accessibility for fans who are blind or 

have low vision [121]. In addition, AI models can be used to represent agent behaviour in simulations of 

venue evacuation processes, which can inform the design of safer venues for individuals with reduced 

mobility or who are blind or have low vision. 

Helping sporting organisations detect and manage discrimination 

Discrimination remains a persistent issue in community sport [131]. Many organisations lack clear 

processes for identifying and addressing incidents, leading to inconsistent or inappropriate responses 

across clubs and associations. Improved guidance on these processes can support sporting groups to 

manage complaints and resolve issues in a fair and consistent manner. 

Swinburne University of Technology, with support from the adidas Foundation, has launched a three-year 

research program to develop a generative AI tool to help sporting organisations tackle discrimination more 

effectively [132, 133]. This project will embed policies for identifying and managing discrimination cases in 

the AI model and use the tool to provide advice to organisations when incidents occur. In standardising 
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responses and reducing reliance on ad hoc decision-making, the project aims to improve consistency across 

organisations in the handling of discrimination issues.  

Best practice in addressing discrimination often depends on contextual understanding of the situation, 

which AI systems may not be well placed to replicate. It might therefore be more appropriate to frame the 

role of AI as a support tool rather than a replacement for human judgment. Used in this way, AI can 

complement the perspectives and experiences of those managing discrimination cases, helping to improve 

the consistency of decisions while keeping them grounded in human insight and sensitivity. 

Responsible AI considerations for diversity, inclusiveness and accessibility of sport 

• Language translation and cultural respect: AI-powered translation tools can broaden access but risk 

inaccuracies or loss of cultural nuance, particularly for First Nations languages. Responsible implementation 

requires community consultation and careful validation to ensure translations are respectful, accurate and 

culturally appropriate. 

• Accessibility tools and reliability: AI systems supporting fans with visual, hearing or intellectual disability 

must prioritise accuracy and timeliness. Errors in captioning, audio description or simplified explanations can 

create confusion and exclusion rather than improving accessibility, underscoring the need for robust 

evaluation. 

• Visibility of under-represented athletes: Generative AI tools that create highlights or commentary can help 

showcase under-represented athletes, but biased training data may reinforce existing inequities. Ensuring 

diverse representation in datasets is critical to avoid perpetuating invisibility or stereotypes. 

• Para-athlete information systems: AI models designed to assist para-athletes with classification or training 

rely on sensitive personal data. Strong privacy safeguards and inclusive design processes are essential to 

protect athletes’ rights and ensure these systems genuinely support accessibility and fair competition. 

• Discrimination detection and sensitivity: AI tools built to help organisations manage discrimination 

complaints risk oversimplifying context or misclassifying sensitive cases. They should be framed as decision-

support systems that complement, rather than replace, human judgment and lived experience in resolving 

complex issues. 

• Avoiding tokenistic gestures: There is a risk that AI will be applied as a ‘quick fix’ for diversity and inclusion 

issues rather than investing in meaningful solutions. Ensuring affected communities are consulted and 

included in the design and integration process will help prevent tokenistic applications of AI. 

 

Together, these four focus areas illustrate both the breadth of opportunities and the complexity of 
challenges that come with applying AI in Australian sport. They show how AI can improve performance, 
efficiency, engagement and inclusion, while also highlighting the importance of responsible design, 
governance and evaluation. Building on these insights, the next section sets out a roadmap of strategic 
actions to guide coordinated adoption across the sector. 
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Conclusion 

The analysis presented in this report shows that artificial intelligence (AI) is beginning to influence every 

dimension of Australian sport – from athlete performance and safety to the efficiency of operations, the 

engagement of fans and the inclusiveness of participation. Many of the use cases explored remain in early 

stages of adoption, yet together they illustrate the breadth of opportunities available to organisations 

across the sector. At the same time, the report has highlighted a range of risks and ethical considerations, 

from bias and discrimination to privacy, accountability and fairness. These will require careful attention if AI 

is to contribute meaningfully to the integrity and sustainability of Australian sport. 

Looking ahead, the findings suggest that Australia is well placed to experiment, learn and adapt as the 

technology evolves. The roadmap developed through this project provides a way of organising future 

actions across short- and medium-to-long-term horizons, offering guidance on where experimentation, 

investment and collaboration could create value. The report has been shaped by extensive stakeholder 

engagement, ensuring the perspectives of athletes, coaches, administrators, technology providers and 

policymakers are reflected. As momentum builds towards the Brisbane 2032 Olympic and Paralympic 

Games, this collective effort positions the sector to better understand AI, harness its potential and 

anticipate its challenges in ways that serve both high-performance and community sport. 
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