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Abstract: While India has made significant advancements in financial inclusion, 

many citizens still hold inactive bank accounts. The study investigates the barriers 

to financial inclusion, focusing on difficulties in maintaining active bank accounts 

using insights from the 2021 Global Findex database. Latent Class Analysis (LCA) 

was applied to classify individuals into three distinct groups based on the barriers 

to active banking. Results show that some face structural challenges like limited 

access, low income, and digital illiteracy while others consider banking 

unnecessary. A third group emerged showing distrust towards banks leading to 

disengagement. The findings highlight the need for targeted policy interventions 

tailored to each group’s challenges. This is crucial as we envision a Digital India, 

with broader use of formal banking, digital payments, promoting financial literacy 

and inclusion for the underserved. Reviving inactive bank accounts and addressing 

the root causes of inactivity are keys to reducing gaps in financial inclusion. 
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1. Introduction 

India’s policymakers have focused on the vital goal of financial inclusion since 

independence in their vision of a financially thriving and socially inclusive economy. The 

trajectory has involved significant regulatory changes, establishing new financial 

institutions, technological advancement to create an enabling financial ecosystem. RBI 

and Government of India have launched various initiatives to integrate marginalized 

communities into the formal financial system with the core objective of promoting fair 

economic growth. The initial set of initiatives were focused on alleviation of poverty, 

however efforts to increase access to financial services remains a crucial gap to be 

bridged. 

India's journey toward financial inclusion has evolved through distinct phases, beginning 

with the nationalization of banks in 1969 and 1980, which aimed to expand financial 

access and prioritize social objectives (RBI, 2014). The establishment of Regional Rural 
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Banks (RRBs) in 1975 further decentralized credit delivery, while the SHG-Bank Linkage 

Program in 1989 mobilized grassroots savings (Chakrabarty, 2011). However, economic 

liberalization in the 1990s, despite improving banking efficiency, failed to address 

financial exclusion. Recognizing this, in 2004, the RBI formally integrated financial 

stability into its inclusive growth agenda (Khan, 2011). The period from 2005 to 2009 

witnessed significant expansion and technological integration, including the introduction 

of zero-balance accounts and relaxed KYC norms in 2005 to facilitate banking access for 

marginalized groups (RBI, 2014). The Business Correspondent (BC) Model in 2006 

leveraged local entities such as post offices to reach underserved areas, while the 

Payments and Settlements System Act of 2007 enabled non-bank entities to offer 

remittance services. In 2009, the Aadhaar initiative was launched, paving the way for 

Direct Benefit Transfers (DBT) to reduce welfare leakages (Sarkar 2014; Bhatia and 

Bhabha, 2017). 

Between 2010 and 2016, financial inclusion efforts intensified through the Financial 

Inclusion Plan (FIP), which prioritized rural banking expansion, BC networks, and 

financial literacy (RBI 2014). The Pradhan Mantri Jan Dhan Yojana (PMJDY) in 2014 

further expanded financial access by offering no-frills accounts with insurance and 

pension linkages, significantly boosting participation among the unbanked (Awasthi 2015; 

Srinivas and Kapur, 2018). The introduction of differentiated banking licenses, allowing 

the creation of payment banks (e.g., Airtel Payments Bank) and small finance banks, 

addressed niche financial needs (Ranade, 2017). The Nachiket Mor Committee also played 

a crucial role by advocating for universal access to financial services, including credit, 

insurance, and consumer protection. Despite these advancements, challenges persisted, 

with digital adoption remaining low only 25% of banking users were active online in 2014 

and many accounts becoming inactive. To address these issues, the National Strategy for 

Financial Inclusion (2020) set ambitious goals, such as ensuring banking access within 5 

km for all villages, strengthening digital infrastructure and grievance redressal 

mechanisms, and expanding pension and insurance coverage for PMJDY beneficiaries 

(RBI, 2020). 

While initiatives to broaden financial access have succeeded in expanding the reach of 

banking services, significant challenges persist particularly concerning digital literacy, 

product suitability, and demand-side engagement. The 2021 Global Findex Database 

highlights a high prevalence of inactive bank accounts, especially among women and rural 

populations, indicating that mere account ownership does not guarantee active financial 

participation. To address this gap, our study employs Latent Class Analysis (LCA) on data 
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from the Global Findex Database 2021 to identify distinct groups based on reported 

barriers such as distance, financial constraints, lack of perceived need, trust deficits, and 

discomfort with banking services. 

Initially, our analysis focused on a subgroup of 705 individuals who reported banking 

difficulties, yielding three latent classes with incorporated control variables and additional 

explanatory factors. However, this limited sample did not capture the full spectrum of 

behavioural and contextual variations influencing account activity. Consequently, we 

expanded our scope to a complete dataset of 3000 individuals, encompassing both active 

and inactive account holders. This comprehensive approach not only enhanced the 

robustness of the LCA but also provided deeper insights into the multifaceted nature of 

financial inclusion in India. The findings aim to inform policymaking by identifying 

targeted interventions to promote active banking usage, enhance financial literacy, and 

build trust in the formal banking system, ultimately transforming financial inclusion into a 

driver of sustainable economic empowerment. 

2. Literature Review  

Financial inclusion is widely recognized as a cornerstone of India's economic 

development, serving as a key driver for growth, reducing inequality, and alleviating 

poverty (Chattopadhyay, 2011; Park and Mercado, 2015). According to the Committee on 

Financial Inclusion RBI (2008) it involves ensuring broad access to affordable financial 

services and timely credit for economically weaker sections and low-income groups. 

Expanding on this, the Committee on Medium-Term Path to Financial Inclusion (RBI 

2015) emphasized that financial inclusion should encompass a comprehensive range of 

services including savings, remittances, credit, insurance, and pension schemes while 

integrating technology-driven solutions to enhance service delivery and support 

marginalized communities. Flagship initiatives like the Pradhan Mantri Jan Dhan Yojana, 

PMJDY (2014) have significantly increased formal banking access by enabling millions of 

unbanked individuals to open zero-balance accounts, while complementary measures such 

as Aadhaar-based Direct Benefit Transfers, DBT (2013), the Unified Payments Interface, 

UPI (2016), and Rural Banking Expansion Programs have further bolstered account 

ownership. However, despite these efforts, challenges like high account inactivity persist, 

limiting the overall impact of financial inclusion strategies. 

India’s financial inclusion initiatives face a persistent challenge, that is, the high 

proportion of inactive accounts including many at zero balance. Efforts to expand banking 

access merely leads to increase account ownership which does not guarantee active 
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financial participation ahead. Existing literature supports that the enabling factors for 

individuals and households to engage with financial services are significantly influenced 

by behavioural and psychological aspects and not just access or availability.  

Research highlights the role of cognitive biases, personal dispositions, and social 

influences in shaping financial decision-making. For example, overconfident individuals 

may overestimate their financial knowledge and take excessive risks (Asikoglu and 

Boyukaslan 2016), confidence in managing finances is also influenced by perceived self -

efficacy (Brounen et al., 2016). An individual’s financial goals and adherence to social 

norms also significantly drive their financial behaviour (Curley et al. 2009; Vyas, 2012). 

Another critical factor is trust, individuals with a higher sense of trustworthiness tend to 

engage more actively in financial services (Bhanot et al., 2012). On the other hand, poor 

financial management is a result of impulsivity and lack of self-control (Gathergood, 

2012; Gathergood and Weber, 2014). Similar influences include fear of rejection (Ranjani 

and Bapat, 2015) and social status concerns (Kempson et al., 2017) which further shape 

financial choices.  

Structural and societal factors contribute to financial exclusion besides individual 

behavioural tendencies. Marginalized communities are often left disconnected from formal 

financial services due to geographical remoteness, cultural barriers, and a lack of financial 

literacy. This divide is widened due to, gender disparities and low-income levels which 

make it difficult for vulnerable groups to access and effectively utilize banking facilities 

(Goel, 2023). These behavioural and structural barriers need to be addressed to ensure that 

financial inclusion translates into meaningful financial engagement.  

Existing studies have not used LCA to categorize individuals based on their reasons for 

maintaining inactive bank accounts and are limited to primarily examining psychological 

factors influencing account inactivity or analyse account ownership for financial 

assessment. This study has also integrated the classification with key determinants such as 

Perceived Usefulness (PU), Perceived Ease of Use (PEOU), gender, age, settlement area, 

income, and education. This approach addresses the existing gap to provide a more 

nuanced understanding of account inactivity and its underlying determinants. 

2.1. PU and PEOU 

PU refers to the degree to which an individual believes that a particular technology will 

enhance their work performance (Davis, 1989). PEOU suggests that if a user finds a 

technology convenient and easy to use, they are more likely to perceive it as beneficial for 
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enhancing productivity. Various studies provide empirical validation of strong correlation 

between PU, PEOU, and the adoption of digital banking services, including net banking, 

mobile banking, and other financial technologies (Nor et al., 2010; Chong et al., 2010).  

One of the studies on digital banking adoption in the Indian context applied the 

Technology Acceptance Model (TAM) and the Diffusion of Innovation theory. It found 

that PU and PEOU, along with social influence, positively impacted customers' attitudes 

toward mobile banking adoption in India (Deb and Lomo-David, 2014). Another study 

similarly utilized an extended version of TAM and Structural Equation Modelling (SEM) 

and concluded that factors such as PU, PEOU, social influence, awareness, computer self-

efficacy, and internet connection quality significantly shape users' attitudes toward 

adopting internet banking systems in India (Sharma and Govindaluri, 2014). Another study 

analysed adoption intention of mobile banking among Indian management students using 

an extended TAM framework which too revealed that PU, PEOU, trust, and social 

influence play a crucial role in shaping their adoption decisions (Kumar et al., 2017) 

Literature provides strong empirical evidence that for PU and PEOU are key determinants 

of technology adoption. Thus, these two variables have been incorporated in our model for 

studying the reasons for inactive bank accounts. 

2.2. Data Source and Variables 

The variables used in this study have been derived from the Global Findex Database 2021, 

which provides a detailed perspective on financial inclusion. The dependent variable is 

represented by the groups categorised based on the reasons they reported for inactive bank 

account with LCA. The explanatory variables are incorporated through TAM to assess PU 

and PEOU of banking. PU is measured through respondents' behaviour in relation to credit 

transactions, deposits, and withdrawals at financial institutions. Similarly, PEOU is 

assessed through the convenience in conducting banking activities, such as sending and 

receiving remittances, payment of utility bills, and receipt of government transfers or 

wages. Several Demographic control variables have been included to account for 

individual characteristics that may lead to inactive account. These variables include 

gender, age, education level, employment status, and household income quartile. Table 1 

includes definitions of these variables, along with descriptive statistics. 
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Table 1: Definitions and Descriptive Statistics of Key Variables 

Variable Description Min Max Mean Std. Dev. 

Dependent Variable 

Class Groups identified via LCA  
   

  

Reasons for inactive bank account 

Too Far 
Bank is too far away (Too far = 1, 

Else = 0) 
0 1 0.133 0.340 

No Need 
Respondents feel there is no need of 

banking (No need = 1, Else = 0) 
0 1 0.125 0.331 

Lack Money 

Respondents lack enough money for 

active banking (Lack of money = 1, 

Else = 0) 

0 1 0.104 0.305 

Not Comfortable 

Using 

Respondents are not comfortable with 

banking (Not comfortable using it = 

1, Else = 0) 

0 1 0.075 0.264 

Lack Trust 
Respondents lack trust banks (Lack of 

trust = 1, Else = 0) 
0 1 0.131 0.338 

Explanatory Variables 

PU in banking 

services 

Usage of credit, deposit and 

withdrawals (Yes=1, Else=0) 
0 1 0.557 0.497 

PEOU in 

banking services 

Ease in usage of banking services 

(Yes=1, Else=0) 
0 1 0.567 0.496 

Control Variables  

Gender Gender (Male=1, Else=0) 0 1 0.539 0.498 

Age 
Age of the respondents (<24 years=1, 

Else=0) 
0 1 0.229 0.420 

Education 
Education level of the respondents 

(Secondary & above=1, Else=0) 
0 1 0.457 0.498 

Household 

Income Quartile 

Household income (Middle & above 

=1, Else=0) 
0 1 0.625 0.484 

Settlement Type 
Place of residence (Urban = 1, Else = 

0) 
0 1 0.41 0.493 

Employment 
Employment status (Employed = 1, 

Else = 0) 
0 1 0.556 0.497 

 

3. Methodology 

This study employs LCA, a statistical method that identifies unobserved subgroups within 

a population based on categorical response patterns, to classify individuals according to 

their reported reasons for inactive bank accounts. Instead of rigidly assigning everyone to 

a single group, LCA estimates probabilities of class membership, enabling a nuanced 

exploration of the heterogeneity in banking challenges. Recognizing that LCA is a purely 
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data-driven clustering technique that does not incorporate explanatory variables during 

class formation, we adopted a two-step approach. First, we conducted an LCA on a sample 

of 705 individuals reporting banking difficulties to identify latent classes of account 

inactivity. Second, we employed One-vs-Rest Logistic Regression post-classification to 

analyse the factors influencing class membership probabilities. To address limitations 

associated with the smaller sample and to enhance comparability and statistical power, we 

extended our analysis to a full dataset of 3,000 respondents, thereby improving the 

reliability of our regression estimates, reducing bias from homogeneous subgroups, and 

bolstering the robustness of our findings on India’s financial inclusion dynamics. 

For an individual (𝑖), let (𝐶) be the latent class variable with (𝐾) possible classes 

(𝐶 = 1,2, … , 𝐾), and let (𝑌𝑖𝑗) be the binary response to the reason 𝑗, where: 

𝑌𝑖𝑗 = {
1, 𝑖𝑓 𝑡ℎ𝑒 𝑖𝑛𝑑𝑖𝑣𝑖𝑑𝑢𝑎𝑙 ℎ𝑎𝑣𝑒 𝑎𝑛 𝑖𝑛𝑎𝑐𝑡𝑖𝑣𝑒 𝑎𝑐𝑐𝑜𝑢𝑛𝑡 𝑑𝑢𝑒 𝑡𝑜 𝑝𝑎𝑟𝑡𝑖𝑐𝑢𝑙𝑎𝑟 𝑟𝑒𝑎𝑠𝑜𝑛

0, 𝑂𝑡ℎ𝑒𝑟𝑤𝑖𝑠𝑒
   (1) 

The probability of the individual (𝑖) responding to all reasons for inactive account, given 

class (𝑘), is: 

 𝑃( 𝑌𝑖1, 𝑌𝑖2, … , 𝑌𝑖𝐽 ∣∣ 𝐶𝑖 = 𝑘 ) = ∏ 𝑃( 𝑌𝑖𝑗 ∣∣ 𝐶𝑖 = 𝑘 )𝐽
𝑗=1      (2) 

where 𝑃( 𝑌𝑖𝑗 ∣∣ 𝐶𝑖 = 𝑘 ) the probability of facing a particular reason (𝑗) given the class 

membership (𝑘). The overall probability of an individual's response pattern is: 

 𝑃(𝑌𝑖1, 𝑌𝑖2, … , 𝑌𝑖𝐽) = ∑ 𝑃(𝐶𝑖 = 𝑘) ∏ 𝑃( 𝑌𝑖𝑗 ∣∣ 𝐶𝑖 = 𝑘 )𝐽
𝑗=1

𝐾
𝑘=1    (3) 

where 𝑃(𝐶𝑖 = 𝑘) represents the latent class probability for class (𝑘). 

Once class membership is obtained from the LCA, we conduct a One-vs-Rest Logistic 

Regression for each latent class to identify the demographic and behavioural 

characteristics that influence class membership. 

For individual (𝑖), let 𝑃(𝐶𝑖 = 𝑘) be the probability of belonging to class (𝑘), and let 𝑋𝑖 be 

a vector of demographic characteristics. Since there are three latent classes (𝑘 = 1,2,3) the 

probability of belonging to each class is modelled separately using logistic regression: 

 log (
𝑃(𝐶𝑖=𝑘)

1−𝑃(𝐶𝑖=𝑘)
) = β0 + β1Gender𝑖 + β2Age

𝑖
+ β3Education𝑖 

 +β4Household Income Quartile𝑖  + β5Settlement Type
𝑖
 

 +β6PEOU using banking service𝑖 + β7PU of banking services𝑖    
+ β8Employment

𝑖 
      (4) 

where: 

A positive coefficient (𝛽) indicates that a variable increases the likelihood of an individual 

being classified in class k rather than Class II. A negative coefficient suggests a decreased 

likelihood of belonging to class k. The intercept (β0) represents the baseline log-odds when 

all explanatory variables are zero. 
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Since we have three classes, the method estimated three separate logistic model where 

each treat one class as the target and the other two as the reference groups. To evaluate the 

model performance, we calculated McFadden’s Pseudo 𝑅2, which provided a goodness-of-

fit measure for logistic regression. 

 𝑅2 =  1 − 
𝐿𝑜𝑔−𝐿𝑖𝑘𝑒ℎ𝑜𝑜𝑑 𝑜𝑓 𝑡ℎ𝑒 𝑁𝑢𝑙𝑙 𝑀𝑜𝑑𝑒𝑙

𝐿𝑜𝑔 − 𝐿𝑖𝑘𝑒𝑙𝑖ℎ𝑜𝑜𝑑 𝑜𝑓 𝑡ℎ𝑒 𝑀𝑜𝑑𝑒𝑙
     (5)  

A higher McFadden’s 𝑅2 indicates a better model fit as it tends to be lower than traditional 

values in linear regression. Also, we emphasized on p-value < 0.05 which suggests that the 

variable is statistically significant, meaning it contributes to explaining differences 

between classes. 

4. Results and Discussions 

Figure 1 visualizes overlapping barriers to banking activity. Five key factors emerge: 

geographical inaccessibility (“Too Far”), distrust in banks (“Lack Trust”), perceived 

irrelevance (“No Need”), financial constraints (“Lack Money”), and discomfort with 

banking services (“Not Comfortable Using”). Many individuals face multiple barriers 

simultaneously: 22 respondents cited all five reasons, reflecting complex challenges. 

Significant overlaps include “Too Far” with “Lack Money” and “Lack Trust” with “Not 

Comfortable Using,” underscoring how structural and attitudinal barriers intersect. “No 

Need” frequently co-occurs with other barriers, suggesting perceived irrelevance is often 

tied to deeper systemic issues. 

Figure 1: Overlapping Reasons for Inactive Accounts 

 

Figure 2 reveals correlations between these barriers. “Too Far” and “Lack Money” show a 

slight negative correlation (−0.12), implying geographic and financial constraints rarely 

co-occur. “Lack Trust” moderately correlates with “No Need” (+0.29), indicating distrust 

amplifies perceptions of banking’s irrelevance. Weak correlations (e.g., +0.06 between 
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“No Need” and “Not Comfortable Using”) suggest attitudinal barriers (e.g., discomfort) 

play secondary roles. 

Figure 2: Correlation Matrix – Co-occurrence of Reasons for Account Inactivity 

Figure 3 visualizes latent classes of bank account inactivity using Multidimensional 

Scaling (MDS). The axes (MDS Dimensions 1 and 2) represent statistical dimensions that 

simplify class relationships. Three distinct latent classes emerge: 

Class 1 (Red): Inactive due to accessibility barriers. 

Class 2 (Green): Limited engagement due to financial constraints. 

Class 3 (Blue): Complete disengagement driven by distrust or digital illiteracy. 

The MDS plot shows clear separation: Class 3 (blue) forms a distinct cluster, while 

Classes 1 and 2 overlap slightly, sharing some attributes but remaining separable. This 

highlights the diverse needs of inactive account holders. Policies to improve financial 

inclusion must address each group’s unique barriers. 

Figure 3: Multidimensional Scaling (MDS) of LCA Based Classes 
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Table 2 presents the results of LCA, which categorized individuals into distinct classes (I, 

II, and III) based on their reported reasons for the banking behaviour. The classification 

implies that individuals within each class share common socio-economic characteristics 

which provide a better understanding of underlying patterns which have been further 

exhibited in table 3. 

Table 2: Proportion of Individuals in Each Class Who Reported Reasons for Account 

Inactivity 

Reasons Class I Class II Class III 

Too Far 0.0196 0.6509 0.6402 

No Need 0.0000 0.2722 0.8730 

Lack of Money 0.0265 1.0000 0.2090 

Not Comfortable Using 0.0069 0.4438 0.3571 

Lack of Trust 0.0118 0.3550 0.8042 
 

Table 2 exhibits the distinct classes reflecting varying reasons for inactive bank accounts. 

Class I individuals encounter minimal obstacles, where "Too Far" (1.96%) and "Lack of 

Money" (2.65%) played a negligible role, and no respondent cited "No Need" as a barrier. 

This class result was expected because we used LCA for creating classes with dataset of 

both active and inactive users and LCA included all active users into this category along 

with inactive users. Class II exhibits common financial constraints, as 100% of 

respondents reported "Lack of Money" as a reason. This dominant financial challenge is 

supplemented by additional issues such as accessibility problems ("Too Far" at 65.09%) 

and usability concerns ("Not Comfortable Using" at 44.38%) and trust (35.5%), this 

highlights multiple, interrelated hurdles faced by economically vulnerable populations. 

Class III is characterized by a profound disengagement from formal banking systems, with 

a major 87.3% of respondents perceive no need for banking and 80.42% reported a lack of 

trust in financial institutions. Although 64.02% of this group also identified accessibility 

as a challenge, the sentiments of irrelevance and distrust emerge more significant.  

Based on table 2 and table 3, we conclude that Class I consists of males, above 24 years 

old, from middle- or higher-income households. They have mixed education levels, with 

some majority having below secondary education. Most are employed, reside in rural 

areas and perceive banking as both easy and useful.  

The primary reasons for banking inactivity among this group are:  

Lack of money (65 respondents): Individuals in this group face financial constraints.  

Too far (48 respondents): Rural residency likely limits physical access to banking 

services.  

Lack of trust (29 respondents): A minor degree of distrust in banking systems exists 

within this group. 
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Table 3: Demographic and Socioeconomic Characteristics of Latent Banking 

Exclusion Classes 

Category Sub-Category Class I Class II Class III 

Gender 

  

Male Respondents 1386 80 152 

Female Respondents 1067 89 226 

Age Group 

  

Below 24 years 583 26 78 

Above 24 years 1870 143 300 

Education Level 

Below Secondary 1272 100 258 

Secondary & above 1181 69 120 

Income Level 

Low Income 823 75 212 

Middle & above 1630 94 166 

Settlement Type 

Rural 1372 113 265 

Urban 1081 56 113 

Employment Status 

Unemployed 1080 82 169 

Employed 1373 87 209 

Perception of 

Banking Ease 

Banking is Difficult 1042 93 194 

Banking is Easy 1411 76 184 

Perception of 

Banking Usefulness 

Banking is Useless 977 94 228 

Banking is Useful 1476 75 150 

 

Class II is the smallest group with 169 respondents consisting primarily of females above 

24 years old. They are mostly unemployed, have lower education levels, reside in rural 

areas and perceive banking as both difficult and useless. 

The key reasons for their banking inactivity are: 

Lack of Money (169 respondents): A universal barrier for this group reflective of their 

low-income status. 

Too Far (110 respondents): Rural residency makes access to banking services more 

challenging. 

Not Comfortable using (75 respondents): Likely linked to their lower education levels 

and limited digital literacy, making banking services difficult to navigate. 

Class III consists of 378 respondents, primarily female, above 24 years old, with low 

income, residing in rural areas, and mostly unemployed. They have very low levels of 

education, a strong distrust in banking and perceive it as useless.  

The main reasons for banking inactivity among this group are:  

No Need (330 respondents): Many see banking as irrelevant to their needs, possibly due 

to reliance on informal financial practices.  
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Lack of Trust (304 respondents): A deep distrust in financial institutions which may stem 

from cultural norms or past experiences, discouraging them from engaging with banks.  

Too Far (242 respondents): Their rural location limits access to banking services, making 

physical visits to banks inconvenient. 

Table 4: Comparison of Class I vs Others 

Variable Estimate Std. Error Statistic P-Value 

(Intercept) 0.279 0.112 2.49 0.01 

PU in Banking Services 0.234 0.103 2.28 0.02 

PEOU in Banking Services 0.712 0.102 6.95 0.00 

Gender 0.438 0.105 4.19 0.00 

Age 0.21 0.128 1.65 0.10 

Education 0.306 0.103 2.97 0.00 

Household Income Quartile 0.533 0.103 5.18 0.00 

Settlement Type 0.414 0.106 3.9 0.00 

Employment -0.204 0.104 -1.96 0.05 
Note: * indicates significance at the 5% level. 

As per table 4, PEOU (0.712, p < 0.001) is the most significant predictor of membership in 

Class1. This indicates that respondents who find banking easy are more likely to belong to 

this class. This is compounded by middle or higher household income (0.533, p < 0.001) 

and lower educational attainment (0.306, p < 0.001), collectively suggesting higher access 

to resources however with limited digital literacy. For instance, individuals in this class 

may have exposure to user-friendly banking technologies but face language issues in 

navigating such complex interfaces. 

Demographically, Class I is disproportionately composed of men (0.438, p < 0.001) and 

rural residents (0.414, p < 0.01), reflecting systemic inequities in financial access. 

Paradoxically, employment is weekly associated with Class I, suggesting that even 

working individuals in this class may rely on informal cash transactions rather than formal 

banking channels expected through employment sources.  

To address barriers faced by respondents of Class I, policymakers should prioritize 

infrastructure solutions that bridge geographic and digital divides. Offline-first tools such 

as USSD/SMS banking would address structural barriers like smartphone dependency, 

(Aker and Mbiti, 2010). Empirical evidence from Kenya demonstrates that these systems 

in addition to being transactional, help reduce poverty and empower women by enabling 

financial resilience (Suri and Jack, 2016). Similarly, studies in Mozambique confirmed 

that rural adoption of mobile money improves household economic stability, even in low-

connectivity regions (Batista and Vicente, 2020). 
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Policymakers should advocate for regulatory mandates such as requiring banks to open 

rural branches or incentives such as tax breaks for institutions serving low-income areas. 

Peru’s Financial Inclusion Law (2015) increased rural access by linking regulatory 

compliance to inclusion metrics (Rojas-Suarez and Amado, 2014). Additionally physical 

grievance centres should be set up in rural areas to address disputes, as solely digital 

systems may exclude users with low literacy (Williams et al., 2016). Also, engagement 

among low-literacy users can be enhanced by promoting gamified financial literacy tools 

embedded in widely used digital platforms, such as WhatsApp voice quizzes with rewards. 

Studies show that gamification increases motivation and financial knowledge by 

simulating real-world decisions without the real risk (Bitrián et al., 2021) and improve 

financial behaviour through interactive and engaging digital formats (Bayuk and Altobello, 

2019). Gamification has also been found to significantly influence financial planning and 

decision-making, especially among young users (Pal et al., 2021). Further research 

highlights that use of gamification for financial education fosters positive learning 

experiences and enhances financial literacy outcomes (Yaacob et al., 2024). 

Table 5: Comparison of Class II vs Others 

Variable Estimate Std. Error Statistic P-Value 

Intercept -1.96 0.178 -11 0.00 

PU in Banking Services -0.357 0.168 -2.12 0.03 

PEOU in Using Banking Services -0.429 0.167 -2.57 0.01 

Gender -0.197 0.171 -1.16 0.25 

Age -0.557 0.226 -2.47 0.01 

Education -0.0284 0.152 -0.186 0.85 

Household Income Quartile -0.157 0.17 -0.926 0.35 

Settlement Type -0.326 0.173 -1.89 0.06 

Employment -0.0464 0.169 -0.274 0.78 
Note: * indicates significance at the 5% level. 

Class II consists primarily of males and females above 24 years old, with low education 

levels, reside in rural areas, mostly employed and perceive banking as both difficult and 

useless. 

The strongest predictors of Class II are low PU (-0.357, p < 0.05) and low PEOU (-0.429, 

p < 0.05), indicating scepticism about the value and usability of banking services. Unlike 

Class I, this group shows no significant ties to income or education, suggesting their 

disengagement is mainly driven by attitudinal factors than demographics.  

Notably, older individuals (0.557, p < 0.05) are overrepresented in Class II and their 

reluctance could stem from distrust in formal institutions and a lack of comfort. 
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For older, rural individuals who perceive banking as irrelevant, interventions should 

leverage behavioural economics and cultural embeddedness to change their conditioning. 

Policymakers should use Freemium banking models that gamify savings such as tiered 

cashback rewards for hitting milestones which leverage behavioural principles like loss 

aversion and immediate gratification (Thaler and Sunstein, 2008). Empirical studies show 

that structured savings interventions, such as matched savings incentives, significantly 

increase deposit frequency among low-income users without posing a financial strain for 

them (Ssewamala et al., 2018). Moreover, commitment savings mechanisms have been 

found to enhance long-term financial resilience by encouraging targeted savings 

behaviours (Dupas and Robinson 2013). 

Policymakers can promote fintech-bank partnerships to enhance financial inclusion among 

underserved populations. This would integrate credit-building tools such as auto-save 

features in peer-to-peer (P2P) applications. These features would seamlessly incorporate 

formal banking services into users' daily transactions and leverage behavioural nudges to 

encourage savings. For instance, a World Bank report highlighted that digital savings 

products facilitated through collaborations between banks and nonbank entities, promote 

savings and financial inclusion as they offer accessible, flexible, and affordable options for 

low-income individuals (World Bank, 2019). 

Literature indicates that fintech innovations including mobile money platforms have 

positively impacted financial inclusion by providing the unbanked population access to 

financial services and aiding in poverty reduction (Ha et al., 2025). When such tools are 

integrated into widely used platforms, users can organically build credit histories. 

Policy makers can target encouraging engagement of individuals over in long-term 

financial planning by considering implementation of AI-driven simulations of their desired 

future self. The applications could generate age-progressed images or project potential 

savings outcomes for visualisation of goals. Research indicates that visualizing one's 

future self can positively influence savings intentions (Hershfield et al., 2011). Recent 

advancements include integration of artificial intelligence to create more personalized and 

engaging experiences. The effectiveness of these tools depends on the interface, accessible 

design such as being compatible with smartphone and incorporating features like 

behavioural reminders to reinforce positive financial behaviours (Robalino et al., 2023). 

Demographically, Class III is less likely to be male (-0.486, p = 0.00; -0.397, p = 0.00 

from urban residency), reflecting systemic gender and geographic disparities in financial 

access. Class III employment estimate is positive (0.292, p = 0.02) which suggest Class III 

is more likely to be employed, but this does not necessarily indicate high socioeconomic 

privilege. Rural environments often lack robust banking infrastructure and exposure to 

https://www.worldbank.org/en/news/feature/2019/04/24/financial-inclusion-beyond-payments-policy-considerations-for-digital-savings?utm_source=chatgpt.com
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digital services. The female respondents in Class III are mostly above 24 years old and do 

not find banking easy or useful. Table 5 shows a negative estimate (-0.743, p = 0.00) for 

PEOU and a non-significant estimate (-0.135, p = 0.26) for PU indicating that these 

individuals are less likely to find banking easy to use and do not significantly view it as 

useful. Table 5 also shows negative estimates for both household income (-0.629, p = 0.00) 

and education (-0.425, p = 0.00), indicating that Class III has lower income and education. 

Thus, Class III is characterized by lower socioeconomic status, lower education, and lower 

income individuals who do not find banking easy or useful. They are mostly rural and 

more likely to be female.  

Table 6: Comparison of Class III vs Others 

Variable Estimate Std. Error Statistic P-Value 

(Intercept) -0.763 0.127 -6.03 0.00 

PU in Banking Services -0.135 0.119 -1.13 0.26 

PEOU in Banking Services -0.743 0.119 -6.23 0.00 

Gender -0.486 0.122 -3.99 0.00 

Age -0.012 0.146 -0.0821 0.94 

Education -0.425 0.125 -3.39 0.00 

Household Income Quartile -0.629 0.119 -5.27 0.00 

Settlement Type -0.397 0.125 -3.19 0.00 

Employment 0.292 0.121 2.42 0.02 
Note: * indicates significance at the 5% level. 

Policies aimed at rural women who are employed but financially excluded should mandate 

rural employers to digitize wages into no-fee accounts. These accounts can formalize 

financial access for low-income workers and could further have automatic savings 

deduction options to inculcate the habit of savings. Evidence from India’s biometric wage 

system shows that digitization reduces leakage and increases savings (Muralidharan et al., 

2016). A nationwide field experiment was conducted in Colombia where low-income 

youth received monthly or semi-monthly text-message reminders to save. These reminders 

led to increased account balances during the campaign which could be attributed to the 

behavioural nudges. Hence introducing such behavioural nudges in the system can 

effectively enhance savings among low-literacy populations (Rodríguez and Saavedra, 

2019). 

Additionally, policymakers should promote community-driven ‘banking ambassadors,’ 

wherein local women would be trained to assist with digital onboarding. This would be 

helpful to address trust deficits amongst marginalized populations. Studies have shown 

that leveraging existing peer networks (Collins et al., 2009) and introducing human 

intermediaries significantly improve adoption of digital financial services by providing 
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culturally relevant guidance (Aker et al., 2012) For example, mobile money agents in 

Kenya reduced transaction errors by 40% among first-time users (Mas and Radcliffe, 

2010). 

Rural women’s face hindrances like literacy barriers and seasonal income cycles in 

utilization of financial services. Policymakers could develop voice-based Agri-finance 

products such as IVR systems for microloan applications or deliver repayment reminders 

through WhatsApp. This would bridge literacy gaps and align use of financial services 

with women’s agricultural cycles. There is building evidence that voice interfaces improve 

engagement among low-literacy users (Aker et al., 2012). 

Furthermore, to enhance trust and accessibility in rural areas, decentralized banking hubs 

could leverage existing community networks such as self-help groups (SHGs) or schools. 

These hubs can empower low-literacy users by adopt transparent ledger systems including 

SMS-based tracking of microloans (Suri and Jack, 2016). Embedding services into 

existing social structures helps policymakers bypass infrastructural gaps and align with 

local norms of collective accountability. 

To check robustness and fit of One-vs-Rest Logistic Regression we calculated McFadden’s 

R² as 0.0704 which means the model explains only a small proportion of the variance in 

the outcome variable. However, since it is based on logistic regression and p-value is less 

than 0.05 for most of relevant factors we can conclude that it works well for classification 

of groups based on reasons for inactive bank accounts. 

A mixed-methods longitudinal design shall be used for future studies to better understand 

the evolving nature of banking behaviour.  One major limitation of the current study is its 

dependence on cross-sectional survey data, which limits our ability to firmly establish 

causality and track how account activity evolves over time. Furthermore, using both active 

and inactive account holders as a baseline could potentially mask unique factors for Class 

I that exclusively influence account inactivity. 

5.  Conclusion and Policy Recommendations 

Our analysis reveals significant variations in reasons for bank account inactivity, driven by 

geographic distance, financial constraints, lack of perceived need, and distrust in banking 

systems. While including active account holders as a baseline may limit the model’s ability 

to capture all variations, it effectively identifies actionable determinants of inactivity and 

enables targeted policy interventions. 

We identify three distinct classes. Class I primarily comprises young males from middle or 

high-income households who view banking as accessible and useful, yet they face 

geographic and digital barriers. For this group, expanding rural banking infrastructure, 
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such as USSD/SMS-based services for areas with limited internet access establishing 

physical grievance redressal centres, and introducing gamified financial literacy tools can 

help bridge these digital divides. Class II includes respondents aged 24 and older of mixed 

gender who perceive banking as complex and irrelevant. Interventions for this group may 

involve launching freemium banking models with gamified savings incentives, promoting 

fintech-bank partnerships for user-friendly solutions, and developing AI-driven apps with 

"future self" simulations to motivate long-term financial planning. Class III is 

characterized predominantly by rural women aged 24 and older who harbour deep distrust 

in banking institutions. Policy recommendations for this class include strengthening 

transparency, fraud prevention, and consumer protection mechanisms; mandating fee-free 

digital wage accounts with automated savings deductions for rural employers; and 

deploying community-driven “banking ambassadors” along with voice-based interfaces to 

overcome literacy barriers. 

Tailored strategies that address the unique barriers of each class can significantly reduce 

account inactivity and promote financial inclusion in India. Policymakers should prioritize 

scalable, context-specific solutions to ensure equitable banking participation. 
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