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Abstract

Assessment in higher education often suffers from a critical disconnect
where student feedback benefits future cohorts rather than current
participants. This study presents SHARP (Strategic, Holistic, Adaptive,
Reflective, Process), a systematic framework for embedding real-time
student voice into assessment design. SHARP was piloted across three
mathematics tests with 246 students at a foundation-level UK university
programme using a mixed-methods quasi-experimental design. Post-
assessment surveys from 108 students captured perceptions of fairness,
clarity, and engagement before grade release. Quantitative analysis
revealed statistically significant improvements in clarity ratings, from 3.98
to 4.44 (Cohen's d = 0.51, p = 0.03), whilst fairness perceptions rose from
70.3% to 96.0%, and 100% supported continuing the process. Quasi-
experimental comparison with historical controls demonstrated 73%
reduction in assessment volatility (Volatility Index: 1.54 to 0.41). This pilot
demonstrates SHARP's potential as a transferable framework for student-
informed assessment practice, though replication is needed to establish
broader generalisability.

Keywords: assessment design; co-creation; higher education partnership;

inclusive assessment; student voice



1. Introduction

Traditional assessment models position students as passive recipients rather
than active contributors to assessment design, with feedback mechanisms
typically retrospective, informing future iterations rather than enhancing current
experiences (Williams & Ingle, 2025; Winstone & Boud, 2018). This temporal
gap is particularly pronounced in summative contexts where students voice
concerns about fairness, clarity, or accessibility after the assessment
experience has concluded, often too late to benefit their own learning journey.
Students may struggle with unclear instructions, inconsistent formatting, or
inappropriate difficulty levels, but their voices reach educators too late to

address these issues within the same assessment cycle.

This disconnect is compounded by the challenge educators face in designing
assessments that accurately reflect their specific cohort's capabilities and
learning contexts. Whilst extensive literature exists on assessment principles,
educators often lack systematic approaches for calibrating assessment
difficulty, clarity, and cultural relevance to their particular student populations,
frequently discovering design issues only after implementation when

performance patterns reveal problems that student input could have prevented.

The consequences of this disconnect extend beyond missed opportunities for
improvement. Students report feeling disempowered by assessment processes
they cannot influence, whilst educators struggle to balance standardisation with
responsiveness to cohort-specific needs (Bulut et al., 2025; Panadero &
Broadbent, 2018). In an era where student partnership and co-creation are
increasingly recognised as essential to quality education, assessment remains
a domain where such collaboration is limited, despite its profound impact on
student wellbeing, engagement, and academic success (Nieminen et al., 2025).
To address this temporal disconnect, this study examined systematic
approaches to real-time student voice integration in assessment design.
Student voice represents student views about assessment design and
experience that are collected, processed, and implemented during ongoing
academic cycles, enabling current participants to see their input directly

influence their assessment experience. The research focuses specifically on



assessment of student learning (summative evaluation of academic progress)
rather than student evaluation of teaching effectiveness, examining how real-
time student input can improve assessment design, clarity, and fairness within

academic evaluation processes.

The SHARP assessment cycle (Strategic, Holistic, Adaptive, Reflective,
Process) was developed to address this challenge by creating a structured
framework for embedding real-time student voice into assessment design and
delivery. Unlike traditional linear assessment approaches, SHARP operates
cyclically across multiple assessment periods, with each phase informing the
others to create continuous improvement. The framework's core innovation lies
in its Adaptive phase, which enables immediate responsiveness to student
feedback within the same cohort, whilst the other four phases ensure
systematic implementation and institutional sustainability. SHARP shifts
assessment from a linear model of design-deliver-evaluate to a cyclical process
of continuous co-creation, where student insights about assessment design
inform immediate adaptations within the same assessment cycle, whilst
simultaneously providing educators with systematic, evidence-based
approaches to assessment calibration. This approach builds on established
principles of feedback literacy (Carless & Boud, 2018), student partnership
(Cook-Sather & Felten, 2017), and inclusive pedagogy (Waring & Evans, 2024),
whilst offering a novel mechanism for operationalising these principles in

summative contexts.

This paper also presents the first empirical evaluation of SHARP as both a
theoretical contribution to assessment practice and a practical framework for
educational developers. Using a mixed-methods quasi-experimental design,
SHARP was piloted in a foundation-level mathematics module. This pre-degree
module is designed to develop essential mathematical competencies and
problem-solving skills required for undergraduate study across social sciences
disciplines requiring quantitative literacy. The pilot collected post-assessment
surveys on student perceptions whilst comparing grade performance patterns
with historical controls. Following its initial development and pilot
implementation, SHARP shows potential as a transferable model applicable

across disciplines, assessment types, and institutional contexts, though this



foundation-level mathematics pilot provides initial evidence requiring replication
in diverse settings. The framework addresses the growing demand for more
responsive, inclusive, and student-centred approaches to assessment whilst

maintaining academic rigour and institutional quality standards.

This year-long pilot, involving three in-class mathematics tests with 246
students, demonstrates SHARP's feasibility and impact through iterative
adaptation of assessment practices based on student voice about their
assessment experience. Grade performance data from all 246 students were
analysed alongside perception surveys from 108 invited participants. The study
provided evidence for enhanced clarity (Cohen's d=0.51), improved fairness
perceptions (from 70.3% to 96.0%), and substantially reduced assessment
volatility (73% reduction) whilst maintaining academic rigour and fostering

genuine partnership in educational design

2. Literature Review

2.1 Student Voice and Partnership in Assessment

The concept of students as partners in higher education has evolved
significantly, with recent scholarship demonstrating both its potential and
implementation challenges. Sun et al.'s (2022) review reveals important
nuances in student voice research that require careful interpretation.
Contemporary research on student voice in higher education reveals a
multifaceted domain with significant developments in recent years. Student
voice research encompasses diverse applications, from self-assessment of
learning processes to evaluation of teaching effectiveness and institutional
policies. Student self-assessment research demonstrates that students engage
in complex evaluative processes when assessing their learning artifacts,
developing sophisticated self-feedback mechanisms that inform ongoing

learning (Panadero et al., 2024).

Nieminen et al. (2025) provide the most comprehensive recent analysis of
student partnership in assessment (SaPA), reviewing 46 studies published

between 1994-2022. Their work proposes three critical theories: (1) outcomes



of SaPA are uncertain but can be optimised, (2) SaPA is fundamentally a
relational practice, and (3) SaPA promotes democratic values. This theoretical
framework directly supports SHARP's emphasis on process-oriented,

relationship-building approaches to assessment improvement.

Recent practice has moved beyond small-group partnerships toward whole-
cohort approaches. Williams and Ingle (2025) demonstrate this through their co-
creation initiative exploring generative Al in assessment, showing how entire
cohorts can meaningfully contribute to assessment design. Their work
exemplifies authentic co-creation rather than superficial consultation, aligning
with SHARP's commitment to genuine partnership. Similarly, recent work on
"Assessment by Engagement" (Folwell & Brennan, 2025) combines continuous
summative assessment with embedded dialogic feedback and co-creation of

assessment tasks.

However, systematic frameworks for embedding real-time student voice
specifically in summative assessment design remain under-developed. When
such student voice is incorporated, it typically occurs through module
evaluations completed after grades are finalised, creating the temporal

disconnect that SHARP seeks to address.

A critical concern in student-assessment partnership involves whether students,
as subject novices, can contribute meaningfully to assessment design without
compromising standards. This "they don't know what they don't know" critique is
addressed by positioning students as consultants on their assessment
experience rather than pedagogical designers. Literature demonstrates
students' sophisticated evaluative capabilities (Panadero et al., 2024) and
unique experiential expertise about assessment conditions (instruction clarity,
accessibility, and timing) distinct from content knowledge (Cook-Sather &
Felten, 2017; Nieminen et al., 2025). This maintains appropriate boundaries

between student experiential expertise and educator pedagogical responsibility.

2.2 Formative Assessment and Real-Time Responsiveness

Formative assessment is defined as ongoing evaluation conducted during



learning to provide feedback for improvement (Black & Wiliam, 1998). Recent
research has provided stronger evidence for the effectiveness of continuous,
real-time assessment approaches. Bulut et al. (2025), in their learning analytics
study of higher education formative assessment, found that completion status,
timestamps, and scores from online formative assessments were significant
predictors of final course performance. Critically, they demonstrated that the
frequency of formative assessments is particularly important because
continuous feedback allows students to make incremental adjustments to their

learning strategies.

Morris et al. (2021) conducted a systematic review specifically examining causal
evidence from trials of feedback and formative assessment in higher education.
Although they found the evidence base currently limited, their results suggest
that low-stakes quizzing is particularly powerful, and there are benefits for forms
of peer and tutor feedback that depend on implementation factors. The
sophisticated real-time reflection capabilities demonstrated in student self-
assessment research suggest untapped potential for applying these same
capacities to assessment design improvement. This extends the principle by
positioning students as both recipients and generators of feedback about
assessment processes, developing their capacity to contribute meaningfully to
assessment design whilst the assessment experience is still relevant and
actionable. This evidence directly supports SHARP's emphasis on low-stakes,
continuous feedback processes. SHARP, however, extends this by positioning
students as both recipients and generators of feedback about assessment
processes, developing their capacity to contribute meaningfully to assessment

design.

2.3 Inclusive Assessment and Assessment Literacy: Equity and

Access

Contemporary inclusive assessment research has moved beyond
accommodation models toward design-for-all approaches. Nieminen (2022)
argues for "Assessment for Inclusion" that rethinks inclusive assessment in

higher education, advocating for students as partners in both designing



assessment accommodations and inclusive assessment design more broadly.
Their work demonstrates how partnership approaches can foster assessment

and feedback literacies for both students and teachers.

A foundational contribution to inclusive assessment design comes from Graham
et al.'s (2018) work on designing out barriers to student access and participation
in secondary school assessment. Although focused on K-12 contexts, their
analysis of how assessment design practices can inadvertently create barriers
is directly relevant to higher education. Graham et al. examine how detailed
assessment instructions, intended to support student agency, can become
accessibility barriers for students with Attention Deficit Hyperactivity Disorder
(ADHD) and Developmental Language Disorder (DLD). Their work
demonstrates that accessibility challenges are often embedded in assessment
design from the outset, requiring inclusive design from inception rather than

retrospective adaptations.

Waring and Evans (2024) have developed frameworks for supporting both staff
and student assessment literacy (particularly to generative Al). Their work on
the Equity, Agency and Transparency (EAT) Framework provides practical
guidance for embedding understanding of contemporary assessment
challenges within staff development. This work builds on research showing that
student self-assessment processes can enhance assessment literacy more
broadly. When students engage in systematic reflection about their learning
processes, they develop a greater understanding of assessment purposes and
quality indicators (Panadero & Alonso-Tapia, 2013) . SHARP embeds this
through continuous attention to fairness, accessibility, and diverse student

experiences.

2.4 Research Gaps and SHARP's Contribution

Despite growing theoretical clarity about appropriate student expertise domains,
systematic frameworks for operationalising real-time student voice in
assessment design remain limited (Nieminen et al., 2025). Current practice
often defaults to either complete educator control or ad hoc consultation rather

than systematic partnership approaches. Recent reviews identify key areas



requiring development: (i) temporal integration, moving beyond retrospective
feedback towards continuous, to real-time assessment approaches that enable
immediate adjustments to learning strategies (Bulut et al., 2025); (ii) systematic
processes, developing structured methodologies for assessment co-design
rather than informal consultation; and (iii) institutional integration: Creating
policy frameworks that support assessment partnership whilst maintaining

quality assurance (Nieminen et al., 2025).

SHARP aims to address some of these gaps by providing a structured
framework for real-time assessment improvement that maintains academic
rigour whilst enabling continuous adaptation. The framework's cyclical nature
allows for systematic evaluation of both processes and outcomes, whilst
bridging the gap between student voice research and assessment design

practice, contributing methodological innovation to the partnership literature.

3. The SHARP Assessment Cycle

3.1 Framework Overview

SHARP consists of five interconnected phases that operate cyclically across
assessment periods rather than linearly within individual assessments. Figure 1
shows the cyclical structure which reflects the framework's commitment to
continuous improvement and its recognition that assessment design is an
ongoing process rather than discrete events (Baartman & Quinlan, 2024). A
critical conceptual distinction is that the framework applies formative principles
to assessment design, not to learning evaluation. The three mathematics tests
remain summative evaluations of student achievement, whilst the design
process itself operates iteratively. Student feedback on quality (clarity, fairness,
accessibility) informs improvements to subsequent assessment tools. This
distinguishes SHARP from approaches that use multiple summative
assessments to support student learning. Here, systematic student voice drives

continuous improvement of the assessment instruments themselves.

The Strategic phase grounds assessment design in evidence from previous

student experiences and emerging educational challenges. This phase has



become increasingly important given rapid technological and pedagogical
changes (Xia et al., 2024). The Holistic phase positions individual assessments
within the broader context of student experience and institutional goals. Recent
work on assessment ecosystems emphasises this systemic perspective
(Advance HE, 2024). The Adaptive phase enables real-time responsiveness to
student voice during assessment implementation. This represents SHARP's
core innovation, addressing the temporal gap identified in current practice (Sun
et al., 2022). The Reflective phase systematically captures learning for future
improvement whilst building assessment literacy. This phase incorporates
recent insights about the importance of meta-cognitive reflection in partnership
processes (Nieminen et al., 2025). The Process phase embeds these practices
within institutional systems and culture, addressing sustainability challenges

identified in implementation research (Williams & Ingle, 2025).

The framework's strength lies in its integration of these phases into a coherent
approach that balances responsiveness with consistency, student voice with
academic standards, and innovation with institutional requirements. Each phase
informs and is informed by the others, creating a system that is both structured
enough to ensure systematic implementation and flexible enough to respond to

contextual variations.

SHARRP is designed as a meta-framework that can accommodate different
assessment types, disciplinary contexts, and institutional cultures. Rather than
prescribing specific techniques or practices, it provides a structure for
systematic attention to student voice in assessment design whilst maintaining

space for contextual adaptation and professional judgment.

3.2 SHARP in Action

3.2.1 Strategic Phase: Evidence-Informed Design

The Strategic phase positions assessment design as evidence-informed,
drawing on prior student experience, research, and educational challenges
rather than content coverage and convenience alone. In the mathematics pilot,

Strategic decisions included transitioning from online to on-campus testing



based on previous student feedback about timing and difficulty. This led to
specific changes: increasing white space by 30%, breaking multi-part questions
into sections, bolding action verbs, and providing explicit material guidance. The
phase incorporated equity considerations through research on accessibility (font
sizes, colour contrasts), mathematics anxiety (question ordering), and cultural
diversity (neutral contextual scenarios). Emerging Al challenges influenced

format decisions and academic integrity considerations.

3.2.2 Holistic Phase: Contextualising Assessment Experience

The Holistic phase recognises assessments exist within complex webs of
educational, personal, and institutional demands affecting student experience,

challenging approaches that treat assessments in isolation.

Implementation addressed foundation-level students' assessment anxiety
through environmental factors like room layout and timing. Workload analysis
considered competing demands from other modules, employment, and personal
circumstances, leading to coordination with other departments to avoid
assessment clustering during peak periods. When students provided conflicting
feedback, such as requests for both clearer instructions and maintained
difficulty levels, responses prioritised accessibility improvements that preserved
academic rigour. These considerations resulted in strategic decisions including
reduced topic coverage, design modifications to minimise page-flipping and
improve time efficiency for instance, and implementation of additional support
strategies such as pre-assessment guidance sessions, all whilst maintaining

learning outcomes and assessment validity.

3.2.3 Adaptive Phase: Real-Time Responsiveness

The Adaptive phase represents SHARP's core innovation: integrating student
voice into ongoing assessment improvement within the same cohort, enabling

immediate responsiveness benefiting current students.

Implementation involved systematic feedback collection within a week of each
test, rapid analysis, and specific changes for subsequent assessments. This

process demonstrated how student input on assessment design could be



systematically translated into concrete improvements: adaptations included
increased spacing, simplified language, additional examples, optimised
sequencing, and standardized formatting (refer to Appendix B for some actions
taken following student assessment experiences), all maintaining learning

outcomes and standards.

The phase required protocols for rapid analysis, criteria for distinguishing

immediate versus longer-term feedback, and mechanisms ensuring validity.

3.2.4 Reflective Phase: Systematic Learning Capture

The Reflective phase captures insights for future application through individual
cycle and overall module reflection. Students and staff engaged in debriefing

sessions and systematic documentation after each test.

Following all three cycles, a comprehensive reflective phase examined the
cumulative learning from the entire SHARP implementation, with students
reflecting on their overall assessment journey and staff considering how the
experience had shifted their approaches to assessment design and student
partnership. Analysis of reflection data revealed key insights: students valued
being heard even when specific suggestions were not implemented, small
changes in assessment design could have disproportionate impacts on student
experience, and systematic feedback processes enhanced students'
assessment literacy and engagement with learning. These insights informed

both immediate practice improvements and longer-term strategic planning.

The phase documented resource requirements and implementation factors for

institutional learning.

3.2.5 Process Phase: Embedding Systematic Practice

The Process phase established mechanisms maintaining rigour whilst
implementing student partnership, developing protocols preserving academic

standards as methods evolved.

Central elements included feedback loops within academic parameters and



quality assurance frameworks. Students received transparent communication
about input influence whilst educators maintained responsibility for alignment
with objectives and standards. This phase facilitated the educators’ professional
learning about assessment design and addressed continuous improvement

whilst maintaining consistency across cohorts.

3.3 SHARP Implementation Insights

The pilot implementation of SHARP revealed several key insights about the
practical requirements and challenges of embedding real-time student voice in

assessment design.

3.3.1 Resource Requirements and Sustainability

SHARP implementation requires systematic time investment. The pilot needed
3-4 hours per assessment cycle initially, which could be reduced to 1.5-2 hours
with experience. Additional planning time is needed for implementing
adaptations, but this yield returns through reduced complaints, enhanced
engagement, and improved assessment quality. Appendix C provides practical

implementation support for 2 assessments.

The key requirement is developing systematic approaches to rapid feedback
analysis and decision-making, including clear criteria for evaluating
suggestions, protocols for maintaining validity whilst implementing changes, and
communication strategies for informing students about adaptations.
Sustainability depends on embedding SHARP within existing institutional
processes rather than treating it as an additional requirement. Integration with
assessment review mechanisms and staff development programmes proves

essential for systematic practice.

3.3.2 Staff Development and Cultural Change

SHARRP requires shifting from expert-driven to collaborative assessment design.
This involves developing comfort with uncertainty, a willingness to adapt

practices, and skills in interpreting student feedback constructively.



The most significant development need is learning to distinguish between
legitimate improvement opportunities versus requests that would compromise
standards or fairness. Staff need professional judgment about when and how to
respond whilst maintaining assessment integrity. Communication support is
crucial, helping staff explain which suggestions can be implemented and why

others cannot. This maintains student engagement and trust in the process.

3.3.3 Institutional Enablers and Barriers

Key enablers include supportive leadership valuing student partnership, and
quality assurance systems recognising student experience as legitimate

assessment quality indicators.

Beyond the contractual and policy constraints discussed earlier, implementation
barriers include workload pressures that limit response time and cultural norms
positioning students as recipients rather than partners. Technical infrastructure
for efficient feedback collection, analysis, and communication also proves
essential for reducing administrative burden whilst enabling successful

implementation.

4. Methods

4.1 Methodological Approach

This study employed design-based research (DBR) methodology, which has
gained recognition as particularly appropriate for educational innovation
research (McKenney & Reeves, 2019). DBR's emphasis on authentic contexts
and iterative refinement aligns with contemporary calls for research that bridges

theory and practice (Nieminen et al., 2025).

The choice of DBR reflects SHARP's core principle of iterative adaptation based
on stakeholder feedback, creating alignment between methodological approach
and theoretical framework. This meta-level consistency strengthens validity

claims whilst demonstrating practical application of underlying principles. DBR's

emphasis on authentic contexts aligned with developing a transferable



framework for educational practice. Research was conducted within the
practical constraints of an existing foundation-level mathematics module,
including predetermined curriculum content, fixed assessment timetables
(December, February, March), standard tutorial group arrangements, limited
staff time for implementation, and university ethical and quality assurance

protocols.

The iterative nature enabled addressing both summative questions about
SHARP's effectiveness and formative questions about optimal implementation.
Each cycle informed framework refinements, creating a feedback loop between
research and practice that mirrors SHARP's approach to assessment
improvement. The study employed a quasi-experimental before-after treatment
design within the DBR framework, with Test 1 serving as baseline and Tests 2
and 3 representing SHARP implementation phases. This approach was
selected as randomised controlled trials are often impractical in authentic
assessment settings, whilst ensuring all students benefit from demonstrated
improvements and maintaining educational continuity.

Statistical analysis used two-sample t-tests with unequal variances (Welch's
method), one-way ANOVA, and effect size calculations to assess treatment
effects. Statistical significance was evaluated at 5%, with Cohen's d for pairwise
comparisons (conventional guidelines: 0.2 small effect, 0.5 medium effect, 0.8

large effect) and n? for overall intervention impact.

4.2 Research Context and Participants

The study was conducted within a foundation-level mathematics module at a
UK university during the 2024-25 academic year. This module serves students
preparing for undergraduate study, creating a diverse cohort in terms of
mathematical backgrounds, cultural contexts, and educational experiences.
Three in-class tests (December 2024, February 2025, March 2025) provided

multiple opportunities to implement and refine SHARP.

The module enrolled 246 students total across multiple tutorial groups, all of
whom received the SHARP-enhanced assessments as part of standard module

delivery. For grade performance analysis, this entire cohort was compared with



the previous year's cohort (n=227) using anonymised institutional data. To
assess students' perceptions of the SHARP implementation, 108 students from
selected tutorial groups were invited to participate in post-assessment surveys,
representing a convenience sample chosen in collaboration with the module
leader for practical implementation reasons. To address potential evaluative
and social desirability biases, surveys were administered at different timepoints
across tutorial groups. Four tutorial groups (n=64 invited) completed surveys
immediately after each test before grade release, whilst three tutorial groups
(n=44 invited) completed surveys after receiving grades. This approach enabled
focused collection of student voice data whilst maintaining normal teaching

arrangements for the broader cohort.

Survey response rates from the four pre-grade-release groups were: Test 1: 40
participants (62.5%); Test 2: 28 participants (43.8%); and Test 3: 38 participants
(59.4%). The participating cohort included students from economics and
mathematics, and mathematics and business management tracks. Analysis
revealed no meaningful differences in response patterns, rating distributions, or
qualitative themes between pre- and post-grade release groups, suggesting
students evaluated assessment design quality independently of performance
outcomes. Therefore, all student perception data reported in Results (clarity
ratings, fairness perceptions, qualitative comments) are from the four pre-grade-

release groups only to avoid potential evaluative bias.

4.2.1 Student Characteristics and Cohort Stability

The 2023-24 and 2024-25 cohorts showed similar age distributions (average 19
years old) and an average English proficiency level of 6.7-6.8 in their IELTS
score. Gender distribution became more balanced (56.4% to 47.9% male) and
nationality representation shifted (Chinese students: 45.8% to 37.6%; Turkish
students: 6.7% to 12.4%). Although the 2024-25 cohort included more
nationalities (44 versus 33 in 2023-24), the top three remained Chinese, Saudi
Arabian, and Turkish students. These changes occurred within a stable
academic context with identical curriculum, teaching staff, and institutional

policies.



4.2.2 Historical Performance Context and Baseline Perceptions

Historical data from 2020-2024 showed declining performance across all
assessments, coinciding with the transition from online to on-campus delivery
from 2023-24. Test means fell across all three tests whilst standard deviations
increased, reflecting the transition from online to on-campus face-to-face written
examinations and students' adjustment to in-person supervised assessment

conditions following pandemic-era remote testing.

Baseline qualitative evidence collected in 2023-24 identified specific
assessment quality concerns in 2023-24 assessments: unclear Test 1 wording,
disproportionately difficult Test 3 content, and notably easier Test 2
assessments that students acknowledged influenced their preparation
strategies. These findings documented clarity and consistency issues. The
2024-25 improvements following SHARP implementation occurred whilst test

formats remained consistent across years.

Mathematics was selected pragmatically for its structured assessments and
clear topic progression, and theoretically due to high student anxiety and varied
preparedness levels. The foundation context (including international students
adjusting to UK expectations, first-generation university students, and those
with educational gaps) provided insights into SHARP's applicability for students

with varied academic preparation and cultural backgrounds.

4.3 Comparative Analysis with Historical Control Group

To establish causal impact, the quasi-experimental design compared the 2024-
25 academic year (SHARP intervention) with the 2023-24 academic year
(historical control), examining identical foundation-level mathematics modules
across consecutive years. This design cannot control for all confounding
variables as randomised trials can. However, key contextual factors were held
constant: unchanged curriculum and learning objectives, identical teaching staff,
and stable institutional policies. Sample characteristics demonstrate
comparable cohort sizes (2024: 687 total test scores from 227 students across

3 tests; 2025: 708 total test scores from 236 students across 3 tests) and similar



cohort demographics (Table 1), following identical assessment frameworks.
Importantly, changes in test format between years were direct outcomes of
SHARP implementation, representing evidence of effectiveness rather than

confounding factors.

Whilst temporal changes remain a limitation, the four-year baseline trend (2020-
2024) provides stronger pre-intervention context than single-year historical
controls. This grade performance stability analysis provides objective evidence
of SHARP's impact, complementing subjective measures from student voice
surveys. The focus extends beyond simple score comparisons to examine
performance stability, progression consistency, and score variability patterns

reflecting assessment experience quality.

4.4 Quantitative and Qualitative Data Collection and Analysis

Data collection used brief post-assessment surveys administered immediately
after each test, before grade release, to capture authentic experiences without
performance bias. This timing addresses methodological concerns raised in
recent student voice research about the influence of grades on feedback quality
(Morris et al., 2021). Survey questions focused specifically on students'
evaluation of assessment design elements (instruction clarity, layout
effectiveness, difficulty appropriateness, and time allocation) rather than content
mastery or performance satisfaction, positioning students as consultants on the

assessment tool itself.

Quantitative measures focused on fairness, clarity, difficulty, timing adequacy,
and perceived responsiveness using 5-point Likert scales. Within the SHARP
framework, fairness refers to assessment conditions that minimise barriers
unrelated to learning objectives such as unclear instructions, inconsistent
formatting, or unpredictable difficulty levels that may disproportionately affect
certain student groups (Messick, 1989; Xi, 2010). This definition aligns with
SHARP's focus on removing systemic obstacles rather than adjusting
standards, emphasising procedural fairness over outcome equality. Tests 2 and
3 surveys were completed immediately after assessment during dedicated 10-

15-minute periods to improve response rates whilst maintaining authentic



reaction capture.

Open-ended survey questions encouraged students to reflect on experiences
and suggest changes as assessment design partners. Given the limited scope
of qualitative data collected through brief post-assessment surveys, this
component provided supportive commentary rather than comprehensive

qualitative analysis.

Student comments were grouped into related categories to support and
contextualise quantitative findings. Two researchers independently reviewed
responses to identify recurring patterns and illustrative examples. This approach
provided insight into student experiences underlying quantitative patterns
observed, whilst acknowledging limitations of brief survey responses for

comprehensive thematic analysis.

Integration of quantitative and qualitative findings enabled triangulation and a
deeper understanding of how specific SHARP elements contributed to observed
improvements. The analysis was guided by SHARP's theoretical framework,
with attention to how each phase of the cycle contributed to observed
outcomes, enabling assessment of not just whether SHARP was effective, but

how and why specific elements contributed to improvement.

4.5 Limitations

Several methodological considerations warrant careful interpretation. The
before-after design limits causal inferences, and unequal sample sizes across
tests may have affected statistical power. The smaller Test 2 sample could
reflect selection effects, as voluntary participation may have attracted more
engaged students. Whilst these limitations necessitate cautious interpretation,
the convergence of evidence across analytical approaches suggests meaningful
effects, though replication across diverse institutional contexts would strengthen

confidence in generalisability.



4.6 Ethical Considerations

This study received institutional research ethics committee approval and
collected two distinct types of data under appropriate ethical frameworks. All
students in both cohorts had their assessment scores fully anonymised by the
Student Experience Team before provision to researchers, with no personally
identifiable information included. Students were informed through standard
institutional mechanisms that such data may be used for educational research
and quality improvement. A convenience sample of 108 students from selected
tutorial groups was invited to participate in post-assessment surveys with
explicit informed consent and received £20 vouchers as compensation. The
dual role of the research team as instructors and researchers was addressed
through independent third-party collection and anonymisation, ensuring survey
responses would not affect grades whilst directly informing assessment

improvements.

5. Results

5.1 Assessment Quality and Student Experience Measures

SHARP implementation across three assessment cycles demonstrated patterns
of change in key measures of assessment quality and student experience
reported in Table 3. These changes occurred across different dimensions of

assessment effectiveness whilst maintaining stable academic standards.

5.1.1 Clarity and Comprehensibility

Student ratings of assessment clarity in Table 3 showed improvement across
the test sequence, as illustrated in Figure 3. Test 1's mean clarity rating
increased significantly (at 10% level) from 3.98 to 4.41 for Test 2 and was
maintained at 4.29 for Test 3. The improvement in clarity ratings corresponded
with specific design changes implemented through the Adaptive phase.
Between Tests 1 and 2, modifications included increased spacing between
questions, bolded instruction verbs, and simplified question language. These

changes appeared to have a positive impact, with some decline in Test 3 but



still maintaining improvement over baseline. Student feedback reflected
increased attention to design elements, with early responses featuring general
criticisms ("too confusing") evolving to specific observations ("bold the key

instruction words," "increase spacing between answer options"), suggesting that
participation in systematic feedback processes may have contributed to
increased students' attention to specific assessment design features (see
Appendix B). Notably, the coefficient of variation (CV) decreased from 25.2% in
Test 1to 11.4% in Test 2, representing a 55% reduction in relative variability
and indicating more consistent student experiences following SHARP
implementation. Whilst CV increased slightly to 17.7% in Test 3, this remained
30% lower than baseline, suggesting consistency despite some natural

variation.

5.1.2 Fairness Perceptions

Student perceptions of assessment fairness demonstrated improvements, as
shown in the binary outcomes panel of Figure 3. In Test 1, 70.3% of
respondents felt the assessment was fair regardless of background and
learning style. This increased to 96.0% for Test 2 and dropped to 77.4% for
Test 3. A chi-square test of independence revealed a significant association (at
5% level) between test condition and fairness perceptions (x? = 6.21), indicating
that the distribution of fair versus unfair ratings differed significantly across the
three assessment cycles. Students expressed appreciation for collaborative
design processes, with comments such as "l gave great feedback for Test 2,
which made Test 3 similar to the second" reflecting perceived responsiveness

to their input.

5.1.3 Student Voice and Involvement

Measures of student voice showed consistently high levels of participation and
support for continuation, with ratings displayed in the scale-based outcomes
panel of Figure 3. When asked how well student input from previous tests had
been considered in designing subsequent assessments, students provided
mean ratings of 4.20 for Test 2 and 4.13 for Test 3 on a 5-point scale, with no

significant difference between tests. Comments such as "Yes, so you can know



what works best for students" and "l think this series of surveys has somewhat
increased my sense of engagement" reflected positive perceptions of the
feedback process, though this may reflect self-selection among survey

respondents.

Time adequacy perceptions showed statistically significant progressive
improvements (x2 = 13.33, at 5% level), with the upward trajectory clearly visible
in Figure 3's binary outcomes panel. Students reporting adequate time
increased from 75.0% in Test 1 t0 96.2% in Test 2, reaching 100% in Test 3.

5.1.4 Assessment Quality and Academic Standards

Throughout the implementation of SHARP, academic standards were
maintained as evidenced by stable difficulty ratings displayed in Figure 3's
scale-based outcomes panel. Difficulty ratings remained stable across tests
(Test 1: 3.25; Test 2: 3.20; Test 3: 3.03), with no significant differences,
indicating that increased clarity and fairness did not compromise academic
rigour. The relatively flat difficulty line in Figure 2 provides visual confirmation
that SHARP did not reduce academic challenge, demonstrating that the
intervention may have improved assessment quality whilst maintaining
educational standards, a critical concern in assessment innovation (Baartman &
Quinlan, 2024).

5.2 Assessment Quality Improvements (Survey Data):

Sequential Intervention Effects

Given SHARP's iterative design, wherein each assessment incorporates
cumulative feedback from previous cycles, changes are analysed sequentially
across intervention phases. A one-way ANOVA in panel a of Table 4 indicated
marginally significant differences in clarity ratings across the three test
conditions (p = 0.096). Pairwise comparisons using Welch's t-tests, in panel b,
revealed that the primary source of improvement occurred between Test 1 and
Test 2 (mean difference of 0.43. The Test 2-to-Test 3 comparison showed no
significant difference, suggesting maintained perceptions following additional

refinements. The Test 1-to-Test 3 comparison showed continued improvement



but did not reach statistical significance (p = 0.12), representing the cumulative
effect of both cycles. The ANOVA confirms that overall differences exist across
the three tests, but the t-tests confirmed that the significant improvement

occurred from Test 1 to Test 2.

Cohen's d calculations revealed educationally meaningful effect sizes in Figure
4 below. The Test 1-to-Test 2 comparison yielded a medium effect size. The
Test 2-to-Test 3 comparison showed a negligible effect size (d = -0.17),
indicating maintained rather than continued improvement or regression toward
baseline. This sequential pattern is consistent with an intervention producing
immediate impact followed by sustained effects. The overall Test 1-to-Test 3
comparison showed a small-to-medium effect but conflates two distinct
intervention phases and does not provide additional interpretive value beyond
the sequential analysis. Variance reduction demonstrated a two-phase pattern:
an improvement in Test 2 (50% reduction), followed by partial regression in Test
3, yielding 24% net improvement from baseline. This pattern represents
improvement in consistency of student experiences, suggesting that SHARP
benefits all students rather than just improving average performance.
Robustness checks confirmed the validity of parametric analyses. Non-
parametric analysis using the Kruskal-Wallis test yielded consistent findings (H
= 3.08, p = 0.214). Levene's test indicated homogeneity of variance across
groups (W =0.70, p = 0.501). Whilst normality tests revealed some departures
from normal distribution in Test 1, ANOVA is robust to moderate violations with
the observed sample sizes, and the consistency of findings across parametric

and non-parametric approaches supports the reliability of results.

5.2.1 Grade Performance Patterns: Historical Control Comparison

Table 2 presents historical performance data (2020-2024) revealing consistent
declining trends. Test 1 means declined from 86.4% (2020-21) to 69.5% (2023-
24); Test 2 from 91.0% to 82.8%; Test 3 from 90.6% to 72.2%. Standard
deviations increased concurrently, establishing a four-year pattern of declining
performance and increasing variability. This sustained multi-year decline
provides robust pre-intervention context for evaluating 2024-25 patterns. The

descriptive statistics in Table 5 reveal contrasting performance patterns



between the two academic years. The 2023-24 control group demonstrated
volatility in their assessment journey, with a moderate performance in Test 1
(69.43%), experiencing an elevated Test 2 (82.63%), followed by declining Test
3 average score (72.14%). This pattern of elevation followed by decline was
consistent with volatility patterns observed across the 2020-2024 baseline

period.

The 2024-25 cohort exhibited different progression characteristics. Students
began with slightly lower performance in Test 1 (66.07%) but improved in Test 2
(74.23%) and maintained this level through Test 3 (74.92%). This pattern
differed from all four baseline years, which showed larger Test 1-to-Test 2

improvements followed by Test 2-to-Test 3 declines.

Figure 5 visually reinforces the descriptive patterns shown in Table 5, with the
box plots clearly illustrating the contrasting assessment trajectories between the
two academic years. The 2023-24 control group's volatility is evident in the
shifting median lines and varying interquartile ranges, particularly the clear
elevation in Test 2 followed by the subsequent decline in Test 3. The 2024-25
SHARP group displays more consistent box plot characteristics across all three
tests, with stable median positions and comparable interquartile ranges that
reflect the steady progression documented in the numerical data. However, the
2024-25 implementation shows more extreme outliers in the lower performance
ranges, particularly in Tests 2 and 3. These outliers represent legitimate student

performance data and were retained in all analyses.

5.2.2 Between and Within-Year Grade Performance Comparisons

Between-year differences were analysed using Welch's t-tests: within-year
progression patterns were quantified through effect sizes, with an Assessment

Volatility Index (sum of absolute effect sizes) providing a single stability metric.

Table 6 reveals important insights about the nature of performance differences.
Test 1 and Test 3 showed statistically equivalent performance between years,
with negligible effect sizes (d =-0.16 and d = 0.14, respectively) indicating that

baseline ability and final achievement levels were comparable across cohorts.



However, Test 2 demonstrated significantly lower performance in the SHARP

year with a medium effect size (d = -0.50).

Table 7 demonstrates contrasting progression patterns. The 2023-24 cohort
experienced performance swings: a large Test 1-to-Test 2 improvement (d =
0.82) followed by a Test 2-to-Test 3 decline (d = -0.71). This pattern was

consistent with progressive volatility increases observed across 2020-2024.

The 2024-25 SHARP cohort demonstrated different progression characteristics:
a small Test 1-to-Test 2 improvement (d = 0.38) followed by a stable Test 2-to-

Test 3 improvement (d = 0.03).

The volatility pattern was quantified through an Assessment Volatility Index,
pictured in Figure 6. The 2023-24 control year yielded an index of 1.54. The
2024-25 SHARP implementation resulted in an index of 0.41, representing a
73% reduction. This represented the lowest volatility across the five-year series
and deviated substantially from the established pattern of progressively

increasing volatility.

5.2.3 Interpretation: SHARP's Impact on Assessment Stability

The four years of baseline data (2020-2024) establish two clear patterns:
declining mean performance and progressively increasing volatility. The 2024-
25 cohort, experiencing SHARP implementation, represents a deviation from
both patterns: Test 3 performance stabilised rather than declining further, and

volatility decreased substantially (73%) rather than continuing to increase.

However, quasi-experimental design with a single intervention year cannot
establish causation. Alternative explanations warrant consideration, including
cohort-specific characteristics, regression to the mean following sustained
decline, concurrent interventions (teaching approaches, student support), test
difficulty changes, or external factors. The convergence of SHARP
implementation with deviation from established trends is noteworthy, but the
patterns observed are consistent with SHARP having influenced outcomes as
well as with other explanations. The volatility analysis relies on comparison

between only two academic years, limiting confidence in causal attribution



despite the four-year baseline trend.

The convergence of perception changes (survey data showing improved clarity
with performance pattern changes (grade data showing 73% volatility reduction)
during 2024-25 suggests this year differed from the four-year baseline across
multiple indicators. However, the causal relationship between these
observations remains uncertain in this pilot study. As this is the first SHARP
implementation year, replication across multiple subsequent cohorts is essential

before drawing conclusions about effectiveness.

6. Discussion

6.1 Theoretical Contributions

The SHARP assessment cycle adds to the theoretical understanding of
assessment, feedback, and student partnership in higher education. The mixed-
methods findings demonstrate that whole-cohort partnership approaches are
feasible, , addressing gaps identified in recent systematic reviews (Nieminen et
al., 2025; Sun et al., 2022). As an initial pilot, these findings require replication

before establishing theoretical contributions.

The framework makes two potential contributions that address gaps in current
literature. First, it demonstrates how student voice can be systematically
integrated into assessment design processes through structured feedback
mechanisms that focus on the assessment tool rather than student
performance. Second, it provides initial evidence suggesting that systematic,
student-informed approaches correspond with different performance patterns
compared to baseline, though causation cannot be established from this pilot

study.

A critical validity question emerges: Does SHARP produce genuine assessment
improvements or primarily satisfaction through consultation? One student's

observation from the Test 3 post-assessment survey, "It's nice to feel listened to
even if it's a placebo", articulates this concern directly. Several patterns warrant

attention, that together suggest genuine enhancement rather than satisfaction



effects. Baseline qualitative evidence from 2023-24 identified specific student
concerns that 2024-25 changes addressed, suggesting improvements
corresponded to documented problems rather than creating satisfaction where
none was warranted. The 73% volatility reduction (Assessment Volatility Index:
1.54 to 0.41) after four years of increasing volatility represents objective
performance changes alongside perception changes (Table 2). The
correspondence between students identified problems (cramped layout, unclear
instructions) and measurable modifications (30% increased white space, bolded
action verbs, refer to Appendix B) further suggests responsiveness to genuine
issues. Feedback evolution from general complaints ("too confusing") to specific
recommendations ("bold the key instruction words") indicates developing

assessment literacy rather than passive appreciation.

However, this pilot cannot definitively distinguish between genuine quality
improvements and placebo effects of consultation. A key methodological
limitation is the absence of baseline perception data: systematic collection of
student feedback on assessment design quality did not occur in previous years,
as such real-time consultation represents part of SHARP's approach. This
absence reflects SHARP’s innovation but creates challenges for establishing
that improvements reflect quality enhancement rather than students’
appreciation for being asked. Definitively distinguishing between genuine
quality improvements and satisfaction effects requires future research with
independent assessment quality measures and control groups receiving

equivalent modifications without student involvement in the design process.

The sequential analysis revealed patterns not evident from simple pre-post
comparisons: substantial improvement from baseline to first implementation (d
= 0.51, p = 0.03), followed by stable maintenance (d =-0.17, p = 0.50). This
improvement-then-stability pattern suggests genuine enhancement rather than
temporary effects, though the quasi-experimental design cannot definitively
establish causation. The results demonstrate relatively consistent student
performance, particularly across Tests 2 and 3, alongside evidence of the
potential value of systematic student voice processes in supporting student
success. Whilst causal relationships between specific assessment design

changes and learning environment consistency cannot be established, the



findings show that structured approaches to student partnership correspond
with improved assessment stability without compromising academic rigour.
SHARP's application of formative principles to assessment design represents
theoretical innovation extending beyond traditional learning contexts to
encompass design processes themselves. The integration of student voice into
assessment design appears to enhance both assessment consistency and

student experience, warranting further investigation across diverse contexts.

6.2 Practical Implications and Applications

The manageable resource requirements (2-3 hours per assessment cycle)
make the framework accessible to individual educators rather than requiring
large-scale institutional initiatives. The Assessment Volatility Index offers
institutions a concrete metric for evaluating assessment stability that

complements traditional quality assurance measures.

Three insights emerge that may prove useful for educators and researchers
pursuing similar approaches. First, stability may matter as much as
achievement. Traditional assessment evaluation focuses on mean scores or
pass rates. This study suggests that performance consistency, the extent to
which students experience predictable progression rather than erratic swings,
represents a distinct quality dimension. The Assessment Volatility Index
quantifies this: sum the absolute effect sizes for within-year progressions (Test
1to Test 2, Test 2 to Test 3) to create a single metric. In this study, 2023-24
yielded 1.54, indicating substantial volatility, whilst 2024-25 yielded 0.41.
Educators might calculate their current Assessment Volatility Index, then track
whether modifications reduce volatility, providing a concrete target beyond

"improve average scores."

Second, the improvement-then-stability pattern observed (significant Test 1-to-
Test 2 gains, non-significant Test 2-to-Test 3 maintenance) could be
misinterpreted as intervention failure if examined only through aggregate
comparison. Sequential analysis revealed that stable maintenance after initial
improvement represents precisely the desired outcome: sustainable

enhancement rather than temporary spike. Practitioners can expect initial gains



followed by plateau which indicates appropriate stabilisation rather than
diminishing returns. Third, student feedback sophistication develops through
participation. Early feedback consisted largely of general complaints; later
contributions included specific, actionable design recommendations. Educators
should not judge the entire approach based on initial feedback quality. This
progression implies that single-cycle implementations may underestimate
potential; benefits likely accumulate across iterations as both students and staff

develop fluency in the feedback process.

Minimum requirements include: post-assessment surveys focused on design
elements rather than teaching quality; rapid analysis protocols (within one
week) to enable timely modifications; clear decision criteria distinguishing
actionable feedback from requests compromising standards; and transparent
communication about which suggestions were implemented and why others
were not. Resource requirements proved manageable (2-3 hours per cycle) for
individual educators, suggesting institutional infrastructure is not prerequisite for
trial implementation. However, institutional policies regarding assessment
modification timelines may constrain what can be adapted between cycles;

educators should verify policy flexibility before committing.

6.3 Limitations

Institutional barriers may limit SHARP's implementation, particularly where
course outlines are viewed as legally binding contracts, restricting mid-stream
modifications to assessment design, scope, or weighting (Nieminen et al.,
2025). This contractual framework challenges SHARP's Adaptive phase, which
relies on real-time modifications. When specifications cannot be altered, this
phase can instead adjust surrounding support structures based on student
feedback: targeted guidance for unclear instructions, additional practice
opportunities, modified explanations, or enhanced emotional support. The
Strategic and Reflective phases can still operate within these constraints,
systematically capturing insights for future cycles, whilst the Process phase
documents the value of responsive practices to build evidence for longer-term
policy modifications. This framework positions students as consultants on their

experience rather than pedagogical designers, addressing concerns about their



novice status whilst capitalising on their proven reflection capabilities and
experiential expertise. By applying students' demonstrated capacity to provide
specific, actionable feedback about assessment design, SHARP bridges the
gap between research and practice, enabling systematic evaluation of both

processes and outcomes.

6.4 Future Directions

Findings show encouraging patterns across multiple measures, though some
warrant the need for further empirical work on this area. This study was
conducted at only one institution within a single mathematics module, which
limits how broadly the findings can be applied. The quasi-experimental design,
whilst suitable for educational research, cannot definitively establish causation
like randomised controlled trials. The foundation-level setting may have
produced particularly strong results because these students are at a transitional
stage in their academic development, making it important to test SHARP across

different academic levels and subject areas.

As a pilot study with a single implementation, future research needs to examine
whether benefits replicate across different disciplines and institutional contexts,
and what mechanisms, if any, link student voice integration to the observed
changes. Long-term studies following students who experienced SHARP could
investigate whether these benefits translate into sustained academic confidence
and engagement. The 2025-26 academic year will be particularly informative: if
the second cohort experiencing SHARP shows similar patterns, confidence in
the framework's contribution would strengthen substantially. If performance
patterns revert to pre-SHARP characteristics, this would suggest 2024-25
represented cohort-specific factors rather than intervention effects. Such
replication (or failure to replicate) at the same institution would provide more

valuable evidence than initial promising results alone.

The research team designed and implemented SHARP, potentially introducing
enthusiasm that is difficult to replicate. Survey anonymity, whilst prioritising

authentic student voice, precluded linking individual perception ratings to



performance patterns. Response rates (26-37%) mean findings may not fully
represent all students' experiences, though the convergence of survey data with

objective performance patterns provides some triangulation.

The most valuable contribution educators could make involves honest reporting
regardless of outcome. If subsequent implementations show similar patterns,
this strengthens confidence in SHARP's broader applicability. If
implementations show null or negative results, reporting these outcomes proves
equally valuable, establishing boundary conditions for when systematic student
voice integration enhances assessment practice versus when it proves
ineffective or resource inefficient. The field currently suffers from publication
bias favouring positive results; studies reporting implementation challenges,
contexts where approaches failed, or conditions under which student voice
integration proves impractical would advance understanding as meaningfully as

successful replications.

7. Conclusion

This pilot study demonstrates that systematic student voice integration during
ongoing assessment cycles is feasible, resource-efficient, and corresponds with
observable changes in both perception and performance patterns. However,
these findings must be interpreted cautiously. This remains a pilot study
examining one implementation at one institution with one cohort and the quasi-
experimental design cannot definitely establish causation. Foundation-level
students may be particularly responsive to clarity improvements; whether
benefits transfer to advanced courses, qualitative assessments, or different

institutional contexts requires investigation.

As higher education evolves toward greater accountability and student-
centredness, SHARP provides a promising initial framework warranting
continued investigation. Rather than concluding whether SHARP "works," this
pilot establishes that the question merits sustained investigation. The
convergence of perception improvements with performance pattern changes,
occurring within feasible resource constraints and without institutional

infrastructure, suggests that systematic real-time student voice integration



represents a promising direction for assessment enhancement. Whether this
promise translates to sustained benefits across diverse contexts, disciplines,
and student populations remains an empirical question requiring collaborative
investigation across institutions and educational levels. The framework exists;
the evidence base requires building through cumulative replication and

adaptation across contexts.
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Appendices

Appendix A: Evolution of Student Input Sophistication Examples

Test | Type Student Voice
1 Basic complaints "too hard"
"confusing"

"not enough time"

2 Specific suggestions | "more space"
"clearer instructions"
"better layout"

3 Strategic insights "consistent formatting"

"logical progression"

“bold the key instruction words”




Appendix B: Some Concrete Actions Taken Following Student Responses

Issue Identified

Adaptation Made

Student Response Evidence

Layout Cramped
(Test 1)

Increased white
space by 30%

"There was enough answer space on
the test paper”

wsg:;trlons Bolded action verbs, | "Yes the teacher gave us clear
(Test 1) simplified language | instructions

Page Flippin .

Co?‘nfusiopnp ° Repeated diagrams "l never had to flip back and forth"
(Test 1) on multiple pages

Technical Terms
(Test 2)

Glossary provided,
simplified contexts

"It was all clear. At least for me"

Question
Sequencing
(Test 2)

Logical progression
from easy to
complex

"Test 3's question types were not so
different from test 2"




Appendix C: SHARP Implementation Framework (2 Assessments within a

semester — can be easily adapted for 2 assessments over one academic year)

Phase Key Actions Guiding Questions | Evidence Timing
Sources

Strategic | - Review prior | - What do previous | Previous cohort | Pre-semester
feedback students tell us? evaluations,

- Align with - How do current literature review,
learning contexts influence institutional
outcomes design? priorities

- Consider - What evidence

emerging should inform

challenges decisions?

Holistic - Assess - How does this Student Pre-semester
workload assessment fit workload data, + Week 1
context student wellbeing

experience? indicators,
- Consider - What competing programme
emotional demands exist? mapping
impacts
- Align with - What support is
programme needed?
goals

Adaptive | - Collect rapid | - What is working Post- - Week when
feedback well/poorly? assessment assignment




- Analyse - Which changes surveys, focus brief is
systematically | maintain groups, released
standards? performance
- Implement - How can we data - Week after
appropriate respond quickly? assignment
changes has been
submitted
- Repeat for
Assignment 2
Reflective | - Document - What have we Implementation | Between brief
learning learned? logs, and
- Analyse - What should be stakeholder Assignment
patterns sustained/changed? | reflections,
- Plan - How can insights | outcome
improvements | be shared? analysis
Process |- Embed in - How can this Policy End of
system become routine? alignment, semester +
- Train - What support is training pre-next year
stakeholders | needed? evaluations,

- Plan scaling

- How can practices

spread?

adoption metrics




Table and Figures

Table 1: Student Characteristics 2023-2025

2023-24 2024-25
Standard Standard

Characteristic Mean deviation Mean deviation
Age 18.9 1.05 19.2 1.08
IELTS Overall 6.7 0.69 6.8 0.70
Gender: % %

Male 56.4 47.9

Female 43.6 51.7
Academic Pathway: % %
Economics & Mathematics 58.7 504
Mathematics & Business
Management 41.3 48.8
Top 3 Nationalities: % %

Chinese 458 37.6

Saudi 17.8 13.6

Turkish 6.7 12.4
Total countries 33 44
Sample size 227 246

Table 2: Student Grade Performance 2020-2024

Test 1 2020-21 2021-22 2022-23 2023-24
Mean 86.4 80.3 65.8 69.5
Standard 138 145 16.7 18.2
deviation
Median 90 83 66 71
Sample size 166 203 211 227
Test 2 2020-21 2021-22 2022-23 2023-24
Mean 91 88.4 80.6 82.8
Standard 8.2 10.6 13 133
deviation
Median 93 90 83 85
Sample size 166 203 211 227
Test 3 2020-21 2021-22 2022-23 2023-24
Mean 90.6 79.8 77.8 72.2
Standard 10 13.7 15.1 15.9
deviation
Median 93.5 83 82 73
Sample size 166 203 211 227




Table 3: Descriptive Statistics by Test

Variable Test 1 Test 2 Test 3 Statistics p-value
3.98 + 1.00 4.41 +£0.50

Clarity rating (1-5) (40) (22) 429+0.76 (34) F=240 0.096

Fairness (%) 70.3% (26/37) 96.0% (24/25) 77.4% (24/31) x?=6.21 0.045

Timing adequacy X2=

(%) 75.0% (30/40) 96.2% (25/26)  100% (33/33) 13.33 0.001

Difficulty rating (1- 3.25+1.03 3.20+£0.82

5) (36) (25) 3.03+1.07(30) F=042 0.661

4.20 £0.82
Student voice (1-5) N/A (25) 413+£0.76 (31) t=0.34 0.739

Note: Responses in brackets from 4 pre-grade-release groups (n=64). Post-grade-release groups (n=44) showed
equivalent patterns.

Clarity survey question: How would you rate the quality of questions on Test 1/2/3 in terms of clarity and relevance?
1 (Very poor) — 5 (Excellent).

Fairness survey question: Do you feel Test 1 was fair to you, regardless of background and learning style? Then for
Tests 2 and 3: Do you feel Test 2 (3) was fairer than Test 1(2) to you, regardless of background and learning style?
Yes/Somewhat/No.

Timing adequacy question: Was the time given for Test 1 sufficient? Yes/No.

Student voice question: On a scale of 1 to 5, how well do you think student feedback from Test 1 was considered in
designing Test 2? 1 (Not at all) — 5 (Completely).

Difficulty question: How would you rate the difficulty of questions on Test 3 compared to Test 2?7 1 (Very difficult) —
5 (Very easy).

5% level of significance used for analysis.

Table 4: One-Way ANOVA and Pairwise Comparisons for Assessment Clarity Ratings

Panel a: One-Way ANOVA

Source SS df MS F vzflue n?
Between Groups 3.27 2 1.64 2.40 0.096 0.049
Within Groups 63.35 93 0.68

Total 66.63 95

Panel b: Pairwise Comparisons (Welch's tests)

p_
Comparison Mean Difference t value | Cohen's d
Test 1 vs Test 2 0.43 2.27 | 0.03 0.51
Test 2 vs Test 3 -0.11 0.68 | 0.50 -0.17




Table 5: Descriptive Statistics by Year and Test

Test 2024 Control 2025 Year
Differenc
(No SHARP) (SHARP) e
Standar
d
Sampl deviatio Sample Mea Standard
e size Mean n size n deviation
66.0
1 230 69.43 22.45 246 7 23.40 -3.36
74.2
2 229 82.63 15.89 240 3 19.56 -8.40
74.9
3 229 72.14 17.82 236 2 21.78 2.78

Table 6: Welch's t-Test Results (2024 vs 2025)

Test t-statistics df p-value Cohen's d Effectsize Interpretation

No significant

1 -1.76 459 0.079 -0.16 Negligible difference

2025 significantly
2 -5.45 424  0.000 -0.50 Medium lower

No significant
3 1.58 430 0.116 0.14 Negligible difference

Table 7: Assessment Grade Mean Differences Comparison

Year Test 1-to-Test 2 Change Test 2-to-Test 3 Change
Cohen's Change in
Change in Mean d Mean Cohen's d
2024
Control 13.19 0.82 -10.49 -0.71
(medium-
(large) large)
2025
SHARP 8.17 0.38 0.68 0.03

(small) (negligible)




Figure 1. The SHARP Assessment Cycle
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Figure 2. SHARP in Action

Throughout

Planning before Test 1
« Three in-class tests trialled the full cycle

« Designed with clear alignment to learning

* Ongoing dialogue between staff and Strategic outcomes (Al consideration here when test
students drove continuous improvements Proce: was online)
« Students active contributors in shaping + Informed by past student feedback
assessments in real time » Tackled the move from online to in-class tests:
logistics, space, delivery format
After Each Test
+ Student reflections on their learning, Reflecti
performance and test prep strategies Holistic
« Staff reflections on assessment quality, Across Tests 1-3
inclusivity, and student experience « Considered overall student experience:
« In-class stress raised reflection of need clarity, workload, faimess
for alternative formats « Staff reflecting on redundancy and
Adaptive alignment with learning outcomes

Real-time changes from Test 1 to Test 3
+ Real-time tweaks (e.g. more spacing in Test 2; simplified contexts in Test 3)
+ Academic standard maintained while enhancing clarity and engagement
« Close feedback loop so students see their voice matter




Figure 3. SHARP Intervention: Assessment Quality and Student Experience

Measures

SHARP: Scale-Based Outcomes

SHARP: Binary Outcomes
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Figure 4. Sequential SHARP Implementation Effect Sizes (95% Confidence

Intervals)
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Clarity Test 1 vs Test 0.51 -0.02 1.03 0.03 Medium significant effect
2

Clarity Test 2 vs Test -0.17 -0.71 0.36 0.50 Negligible non-significant
3 effect

Figure 5. Score distributions by Year and Test

Comparison of 2024 Control vs 2025 SHARP Implementation
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Box plots show median, quartiles, and outliers

Figure 6. Assessment Volatility Index Comparison

15

1

Volatility Index

5

2024 Control
Volatility Index = Sum of absolute effect sizes for within-year changes

Lower values indicate more stable performance

2025 SHARP




